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The Office of Research and Development of the Office of Policy, Evaluation and Re-
search, Employment and Training Administration, U.S. Department of Labor, was
authorized first under the Manpower Development and Training Act (MDTA) of 1962, and
then under the Comprehensive Employment and Training Act (CETA) of 1973, to conduct
research, experimentation, and demonstration to solve social and economic problems
relative to the employment and training of unemployed and underemployed workers.
Research also includes national longitudinal surveys of age cohorts of the population at
critical transition stages in working life which examine the labor market experience of these
cohorts. Studies are conducted on labor market structures and operations, obstacles to
employment, mobility, how individuals do job searches, and various problems that pertain
particularly to disadvantaged persons. Experimental or demonstration projccts may test a
new technique of intervention, a different mstltuuanal arrangement for delivery, or in-
novative ways to combine resources.

Analyses of the results of the most significant of these studies, descriptions of process,
handbocks of procedures, or other products designed specifically for planners, ad-
ministrators, and operators in the CETA system are issued as monographs in a continuing
series. Information concerning all projects in process or completed during the previous 3
years is contained in an annual catalog of activities, Research and Develcpment Projects.
This publication and those in the monograph series may be obtained, upon request, from:

Inquiries Unit

Empl@yment and Traiining Administration
Room 10225 Patrick Henry Building

601 D Street, NW.

Washington, D.C. 20213
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FOREWORD

Over the part 10 years, econometric and input-output models, once limited to making na-
tional projections, have become available for making local area occupational projections.
While the possibilities opened up by these new regional and local models are interesting, the
cost of developing and maintaining them for particular labor market areas can be quite high.
In addition, the apparent, though not necessarily actual, complexity of these models inhibits
many people who should be involved in the forecasting process.

The purpose of this monograph is to give a balanced, nontechnical presentation of the ad-
vantages and disadvantages of econometric and input-output models compared with existing
Department of Labor models for projecting lccal area occupational changes. The
monograph is writi:n for, and at the request of, local and State officials who are responsible
for making local arez occupational forecasts.

It should be noted (hat this monograph is the result of a collaborative effort on the part of
the Employment and Training Administration, the Bureau of Labor Statistics, and the Na-
tional Occupational Information Coordinating Committee.

BURT S. BARNOW
Acting Director
Office of Research
and Develupment
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PREFACE

There are many issues to consider in assessing the relative strengths and weaknesses among
alternative approaches to local occupational employment projections. This study has at-
tsmpt:d to identify and organize a discussion of the most important of the issues to be con-
sidered in building or modifying an occupational employment projection system to best suit
local area conditions and information needs.

The issues discussed are both highly technical and nontechnical. The treatment of the
technical issues is entirely nonmathematical; no equations or mathematical formulas are
contained in the text, as was requested by the Office of Research and Development, Employ-
ment and Training Administration, U.S. Department of Labor.

In reviewing the available techniques or approaches, it was not possible to identify every
public agency, consulting firm, and university-based research group which may have been
developing occupational employment projections or econometric models for that purpose.
Instead we relied upon a number of different sources to provide leads in addition to those
already known. These sources included officials and staff at the Employment and Training
Admiaistration (ETA), National Occupation Information Coordinating Committee
(NOICC), the Bureau of Labor Statistics (BLS), as well as economic forecasters at various
universities. In addition, we conducted a literature search for documentation of industry and
occupational employment projection models in scholarly or professional journals.

Finally, we sent questionnaires to about 100 of the largest CETA prime sponsors and to
every State Employment and Training Council to identify the utilization of any occupaticnal
employment projections developed with techniques other than those used by the respective
State Employment Security Agency (SESA). Documentation of occupational projection
methodologies other than those recommended in the Occupational Employment Statistics
(OES) pivgram used by SESA’s was obtained from NOICC. Based upon a review of this
documentation, several site visits and many telephone conversations were made in order to
obtain more detailed infnrmaﬁnﬁ Sbﬂl!t techniques/mudels whir;h had ba:n emplayed
based upon nbvmus methﬁdu]ngxcal su:nﬂamy. but alsa a dslr: to rmmm;z: th: rmmber uf
classes of approaches for simplicity’s sake. Thus, for example, all economic forecasting
models were grouped together, in spite of some significant structural differences among
them. Also, the term *‘econometric model®’ is used somewhat restrictively here; it does not
include the single-equation regression models used extensively by SESA’s, but instead
denotes the *‘full-specification’ of a local economy. Except when specific applications or
models of each approach are cited, the descriptions of each approach assume its *‘best prac-
tice,”” or state-of-the-art. In reality, of course, there are important differences between, say,
the best econometric models and poorly constructed ones.

In general, it was not possible to compare the results of different projection techniques
because rarely were any two or more applied under the same local economic conditions. For
some particular models, tests of the accuracy of the projections were not documented at all.
Also, it was well beyond the scope of this study to obtain the various projection models and

vil
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conduct comparative tests of these with, say, a test data set. Thus, conclusions in the report
about the relative accuracy of various approaches both in general, and in different tyr.es of
labor market areas, are suggestive only.

The various approaches discussed in this monograph all deal specifically with making local
area occupational projections. In the preparation of the monograph questions were raised
about including a discussion of the Employment Service Potential Projects now being
developed in several States. The ES Potential methodology makes use of State Ul data to
calculate current job accession and separation rates by firm and to measure the degree of ES
penetration in local labor markets. While the ES Potential is an interesting and important
administrative development for identifying target firms for the ES and for measuring ES per-
formance, it is not a methodology appropriate for making local arez occupational projec-
tions.

This report should not be considered as a substitute for the experience of local planners
and policymakers and knowledge of local conditions in designing improvements in an area’s
occupational employment projection system. The report should be considered an informa-
tional resource which, when combined with experiential knowledge of local conditions, can
help decisionmakers better adapt the occupational employment projection system to those
iocal conditions and to local labor market information needs.
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The need for the development of reliable, accurate, and timely estimates of future area
labor market conditions parallels the increasing public and government concern for develop-
ing more effective means of matching labor supply with expected !sbhor demand. Area oc-
cupational employment pmjeetjqns are the bases for effective planning and evaluation of
employment and training programs and vocational educational curricula, for facility and
equipment investment decisions, and for job counseling and job development, at the local
level,

The techniques that have been used to develop area occupational employment projections
have changed over the years in response to changing local labor market information needs
and to the availability of better data. One of the earliest techniques was the area employgr
survey of future employment needs. The develoyment of the industry-occupation matrix in
the late 1960’s enabled analysts to project occupational employment by first projecting in-
clust.ry :mploymcnt and then usmg the matm: m translate the mdust.ry :rnpiaymem flgures

snd mpmved these pmcedufes and data bases mtc: thg cum:nt Gccupananal Emp]nymem
Statistics (OES) program. Also within the last 10 years, regional econometric models and
input-output models have been developed for a small number of areas, and some of these
have been suggested or developed for use in area occupational employment projection
systems. They represent alternative techniques for projecting area industry employment, the
first step in the occupation employment projection process.

Although many of the most important criteria for selecting the most appropriate ap-
pruach, or techniques for an area’s occupation employment projections system relate to the
technical or mathematical characteristics of the alternative techniques themselves, the public
policy context and area economic conditions are important to consider. The most important
of these is Federal employment and training policy which strongly affects users’ labor
market information needs, including level of industry and occupational detail, frequency of
projections, and length o projection period. The nature of the economic forces operating on
local labor markets affects the choice of technique since some techniques can take into ac-
count the empioyment impacts of certain economic trends or shifts better than others. Many
Federal Government policics have significant local industry employment impacts of their
own. The desire to develop a capacity to test the employment impacts of alternative policies
or future scenarios, and prior modeling efforts for the area are also important considera-
tions.

’l‘he DES apprmh is based upon ih: industry-mcupancn matrix A set of target—year area

'models or shxftisha:e mndelsi FDE the former case. there :s Dn: regrgsxon gquanon fm' ea.:h

industry sector. The dependent (predicted) variable in each equation is the target-year
employment in that industry. There is a small amount of flexibility in the choice of indepen-
dent (predictor) variables; BLS recommends the target-year level of industry employment for

xi
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the U.S. (which BLS estimates using its own set of national growth models), and the lag of
the dependent variable.

The industry-occupation matrix, developed from information on current industry staffing

patterns collected in the OES survey of establishments, translates the set of industry employ-
ment projections into a consistent set of area occupational employment projections. Target-
year job openings due to separations as a result of expected deaths and retirements are
estimated separately using the national working-life tables, and these estimates are added to
the estimates of net change in area occupation employment from the base year to the \arget-
year, by occupation. The result is the target-year estimate of total job openings by occupa-
tion. :
The principal advantages of the OES approach for an area occupational projection system
include the full technical support of BLS, modest data requirements for calibrating the
single-equation regression of shift-share models, and these models’ simplicity and hence
comprehensibility to users. The OES survey is proving to be a significantly improved and
reliable source of staffing pattern information compared with the previously used decennial
Census.

The principal disadvantage of the current OES approach is its unsuitability for conducting
policy simulations or testing future scenarios for their employment impacts, The single-
equation regression models as currently recommended by BLS may also be relatively weak in
providing accurate projections in certain types of local labor markets: those which are
cyclically unstable; have very strong interindustry linkages; and/or are growing at rates well
above the national average.

Regional econometric models represent an alternative to the OES approach in the means
by which the set of industry employment projections are developed. Regional econometric
models are used to represent the complex economic relationships among sectors of a local
economy, and between particular sectors of a local economy and ‘“the rest of the world.”
Theoretically, by taking into account these complex economic relationships which exist in
reality, an econometric model can take into account the impacts of more of the determinants
of future local industry employment levels, and thus can lead to more accurate projections.

Regional econometric models require significantly more data (in time-series) for their
calibration and use in projection (than the simpler models of the OES approach). A shortage
of local economic variables with sufficient time-series observations frequently constrains the
ability of these models to represent the complexity of the local economy. Attempts to com-
pensate by using surrogate variables or by constructing data frequently lead to specification
€ITOr Or measurement efror.

The principal advantages of using an econometric model approach are the models’ poten-
tial sensitivity to a larger variety of factors which affect the local employment base, their
ability to take into account indirect, or local interindustry effects, and their capacity for per-
forming policy simulations, or testing the employment impacts of alternative future
scenarios. These models theoretically are capable of including as much industry detail as is
included in the industry-occupation matrix of the OES system. The effective constraint on
industry detail in these models is data availability (for the independent variables).

The principal dicadvantages of the econometric model approach, in addition to their
greater data requirements, include substantial model and data base maintenance and
upgrading costs, and their relative incomprehensibility to most users.

The regional input-output model approach represents a third means of developing a set of
industry employment projections. An input-output model describes in detail the inter-
industry linkages (purchases and sales) within the local economy, and the trading relation-
ships with the rest of the world. Based upon an exogenously estimated set of target-year fina/
demands for goods and services produced locally, the model specifies the target-year level of
output (production) for each local industry sector. Each local industry's output is translated
into an employment requirement with the use of exogenously estimated, industry-specific
labor/output ratios.

Regional input-output models require substantial and detailed data on the sales and pur-
chases of all local industries. Very little of this is available as secondary data on a sub-
national basis. As a result national data must often be used instead, while costly primary
data generation are still required for some industries. Estimates of target-year final demand

xii | 1]



is a difficult and costly task, and is highly subject to error. The technical coefficients in the
models are generally well out-of-date due to the high cost of updating the data. A set of
restrictive and often unrealistic assumptions limits the validity of the forecasts and can affect
their accuracy. There is no specification error, however, since all economic relationships
within the model are empirically determined. The principal advantage of input-output
models is their ability to take into account detailed interindustry relationships among sectors
of the local economy. The main disadvantages are the extremely high costs of calibrating ar.d
maintaining 2 model for a substate area.

Employer surveys represent an approach to generatirg occupational employment projec-
tions directly from employers’ responses to questionnaires. Industry employment projec-
tions and an industry-occupation matrix are not needed, Many applications of the employer
survey approach have included questions on estimated job replacement needs as well as ex-
pected target-year empioyment needs. In spite of the elimination of separate industry
employment projections and the estimation of an industry-occapation matrix, the approach
can still be costly. The advantages of the employer survey approach for developing medium-
or long-term projections are relatively minor: they can be very easily adapted to fit local area
conditions, and the means by which projections are generated are easily understandable to
users. The principal disadvantages—low accuracy and low reliability—easily outweigh the
advantages for medium- to long-term occupational projections. Employer surveys can have
valid roles in generating other types of labor market information when sound, established
survey research principles are followed.

It iz concluded that, in general, neither regional econometric nor input-output models can
significantly add to the overall quality of occupational employment projections that are cur-
rently being developed using the OES approach. There was no empirical evidence available
which unambiguously demonstrated the superiority in forecasting accuracy of either regional
econometric or input-output models to the single-equation regression models of the current
OES approach. The only potential user information need which econometric or input-output
models can better meet is the capacity for policy simulation or testing the area employment
impacts of alternative future scenarios. The following recommendations and conclusions are
made:

* In general, neither regional econometric models nor input-output models should be
developed to replace single-equation regression models in the area industry employment pro-
jection element of the occupational employment projection system;

e if the policymaker desires the capacity to simulate or test the employ..ient mipacts of
alternative policies or future scenarios, an econometric model would be needed;

. 1f an :eanamemr; model ha.s already be:n cahbrated t'nr the lsbaf markgt arga, has an

be shared by mher ;agzm;les;, ﬂien the SESA nr mher emplayment and tra;mng—related agency
should procure the model’s forecasts. The forecasts can be used as supplementary informa-
tion and a basis for assessing and adjusting the projections from the OES system, or as the
basis for developing an independent set of occupational employment projections;

» for a few labor market areas which display particularly unstable industry employment
pa;tterns unusually st.fﬂng inteﬁﬂdustfy linkages, andi@r high rat(:s of emnamic or papula!
Jusnfy t.hg cas;s of develupmg a model,

* analyses by the SESA’s and CETA prime sponsors with the support of BLS and ETA
should be conducted to improve the selection of independent variables in the single-equation
regression models currently recommended by BLS, on an industry-by-industry basis;

* a process of careful and insightful assessmen: and adjustment of industry employment
projection which emerges from any statistically based model should be given greater em-
phasis at the State and local levels, and should be supported by appropriate Federal agencies;

¢ development and testing of alternative cost-efficient methods of generating or
simulating area-specific matrices by the SESA’s and SOICC's with the support of BLS
should be continued and expanded in a larger variety of labor market areas.

* improved procedures for estimating job openings due to replacement needs should be
developed. In particular reliable methods of estimating separations due to area out-

‘migration and occupational mobility need to be included in the OES system;

xiil



* the relative strengths and weaknesses of the various elements of the OES system need to
be empirically evaluated. Proposals for i improving particular elements of the system should
be made with the knowledge of the likely improvement of the system as a whole; and

. pmpoaals to modify an area’s occupational employment projection system based upon
unmet users’ labor market information needs should be carefully assessed to avoid com-
promising the theoretical or statistical validity of the projections. Proposals to increase the
occupational detail of the projections should bé based upon: (1) assessments of the capacity
of the program and service delivery components of the employment and training system to
utilize effectively a more detailed set of occupational employment projections; and (2) the in-
formation error in the data, due to misclassification of employers® job titles into OES oc-
cupaticnal categories. Under no circumstances should industry or occupational employment
projections be developed for sublabor market areas.

13



INTRODUCTION

Background

The need for aecurate a.nd nmely pmlectmns of



- regiongl ecanamie—polj:y ana]ys;s Amang the l(xal or

farecast were det;mlgd mdustry employment levels, Tlns
offered the possibility of using fully specified
econometric or input-output models to develop target-
year industry employmient forecasts which could then be
fed into the industry-occupation matrix, in lieu of the
mdust.ry employment prnjgcnans develaped fmm the
power Needr Tl:l= use of these mm'e snphxaucatcd
mﬂdels was seen by some as a way of i increasing the ac-
curacy of medium- and long-term area occupational
employment projections.! As a result, administrators
and planners of employment and training and voca-
tional education programs, among others, would have
available an improved, more useful labor-market infor-
mation base.

Purposes and Intended
Audiences of the Monograph

The pnmary pnrpcis:s Df th;ls mnﬂngr&ph are: (l) ta
alt:rnanve tgchmques :urfently available for dev:lapmg
local occupational employment projections; and (2) to
recommend which tachmque(s) offer the greatast net
benefits in thé ongoing OES program- develapment pro-
cess in wh;ch BLS, ETA, SESA'S, and the NOICC are
currently involved.’ Wmle this information i is pmna]ly

of interest to a large niimber of groups and individuals

involved in both public ‘and private employment and
training and vocational education efforts, the pnmary

audi:nce is mtended ta be df ;lsmnmakers in thase ag:n- g

area ac:upannnal gmplnyment and evaluauan or facili-

ty investment decisions. In order for these. people to
help de:xde how the prnje:tmns they develop OF receive
might be lmpmved by employmg alternative techniques
or methods, we have addr:ssed the fnllowmg quahnns
inthereport: - :

1. What a]temstwe Qccupananal emplayment pmﬁ .

‘jection fnre&asnng technologies are available?
2. What -are the strucmral advantagg and dlsad-
.~ vantages of ea:h? ‘
3. Are there some-types of labar market areas
: whﬁse charact:nsm;s pammlaﬂy =nhanc= or

-n m)

“Neither can ‘bczupatinnal'rempléymemi projestioi
discussed apart from the economic and political forces

@0 ot sed n hat et G soce the which act upon local labor markets and are responsible -

’,,mmﬂﬁnﬁmmmmmmﬂm- “unforé-

minimize the advantages or disadvantages of a
given technique?

4. What have been the expeiiences in the applica-
tinn af each of the t::hniques in terms of costs,

5. What are th: tcchmque/ad;ustment combina-
tions which offer the greatest potential for im-
proving the occupational employment projection
system as a whole at the local level?

Communication Between Providers and Users

A related purpose of the monograph is to help extend
the bases for communication between those responsible
for providing estimates of future labor market condi-
tions and thcie who require these decisionmaking aids.
The two coii:munities often have conflicting objectives
and interests, and even among users, there is a variety of
information needs and requirements. Frequently these
needs conflict or become too' costly. Deciding such

'issues as the appropriate Jével of industry and occupa-

tional detail, geographic disaggregation, length of
forecasting period, frequency of forecasts, etc. gener-
ally involves tradeoffs that must be carefully made.
Users, - for the most part, are not particularly in-
terested in the mneans by which.forecasts are developed,
but do care about timelmess, level of detail, accuracy,
etc. Different techniques offer different limitations or
constraints on these types of issues. Both providers and
users need to understand better the tradeoffs between
meeting an enlarged set of user needs on the one hand
and - preserving- the rehab;hty, valndlty, -and’ “cost- .

'effmency ‘of  the: pmjectmns on the other. Such an

understanding can help lead to locally initiated im-
provements-and. adjustments in the existing projection -
system to best meet local labor market conditions and

‘labor market mfarmahnn needs:” - - _

=

Policy _and Eco”omlc Contexts

of Area Dccupaﬁohal

| Emplgyment Projectmns

Althaugh pmjectmg occ:upauonal : emplayment is _

e

for the’ grnwth or declme of the employm:nt base a.nd B

15



for shifts in occupational demand. Indeed, if all local
economies displayed highly stable employment bases,
then. there would be little need for an occupational
employment projection system. It is beyond the scope of
this report to describe the larger public policy and
economic contexts comprehensively, But because oc-
cupational employment projection technigues cannot be
assessed or evaluated, or recommendations for im-
provement made only on the basis of technical criteria,
the most important of these contextual elements are
identified and briefly discussed here.

The Policy Context

The realm of public policy which shapes the occupa-
tional employment projection system can be divided in-
to three parts. The first is composed of those classes of
government policies which are not directly related to
employment and training, but frequently have signifi-
cant impacts on the employment bases of labor market
areas. Federal and State tax policy, incentives for in-
dustrial location and capital investment, public works
and other counter-cyclical programs, regulatory policies
in the areas of environmental protection, occupational
licensing, occupational health and safety, international
trade and tariff restrictions, transportation facility
development, and national defense facility location are
all policies which can have significant, though highly
differential, impacts across labor market areas and
among different sectors of the local economy. These

= pﬂlici:s stlmulats or damp:n a:tmomic: (mark:t) fnrces

relgv;ant fl:rces actmg upon ,lm:al =mployment l;asgs
motivates the development of alternative projection
techniques.

Recently, the Federal Government, through the Of-
fice of Management and Budget Circular A116, directed
all Federal agencies (except the Department of Defense)
to develop urban impact analyses (statements) before in-
itiating policy changes or drafting legislation which
would have significant impact on urban areas, including
employment impacts.? The directive was motivated by
recognition that many policies or programs have
unintended costs in sectors not directly related to the
targeted areas or sectors. The idea of an urban impact
analysis could be generalized or extended to an in-
dustry/occupational employment impact analysis.

The second arena includes public policy directly
related to the collection, processing, analysis, and
distribution of labor market information which

. becomes . available .for. planning, administrative, and...

evaluative decisionmaking in CETA prime sponsors,
Norman J. Glickman, “M ‘odological Iemies and Prospects for Urban Impect

Anslyss,” in Morman Olickms =, A Urban Impacts of Federal Policies (Baliimore:
The Johns Hopkins Prem) 1979,

vocational education programs, etc. The kinds of data
collected, the classes of questions addressed, and the
formats and levels of detailed aggregation are all public
policy issues which profoundly affect the why's, how's,
when’s, and where's of occupational employment pro-
jection systems. Policy decisions on the forms of
technical assistance, methodological guidelines, and
overall funding levels for area labor market analyses
have equally significant effects. Agencies such as the
U.S. Bureau of the Census, the Bureau of Economic
Analysis (BEA), BLS, ETA, the National Center for
Educaﬁan Sta’tistics, snd the new Dgpartment of Educa=

needs, their leglslatw: ,mandates, their own t:ad;tmn.’
and sometimes the activities of other agencies.

To help coordinate and rationalize activities in the
provision of occupational information among the
various Federal agencies, and to coordinate Federal and
State efforts, the NOICC-SGICC network was
established by the Education Amendments of 1976. Its
legislated responsibilities are to improve the coordina-
tion, cooperation, and communication in the develop-
ment of occupational information systems (OIS) at the
-national and State levels. Since the OIS must include
data on occupational demard and supply based upon
uniform definitions, standardized estimating pro-
cedures, and standardized occupational classification
systems, the opportunities for NOICC-SOICC to help
shape and improve occupational employment projec-
tions in the future are considerable.

The third arena of public policy relevant to this
discussion is that of employment and training, and
vocational education policy itself. This is also where an
environment of public acceptance of labor market in-
formation can be improved by encouraging broad par-
ticipation of both private and public sector groups in
helping to determine local information needs and in
assessing the quality or accuracy of area occupational
employment projections. The new Private Sector In-
itiative F-ogram (title VII) of the 1977 CETA legisla-
tion, for instance, presents potentiailly new roles for
private sector employers in determining target occupa-
tions for labor supply skill development. It is important
that these determinations be based on sound analysis
and reliable estimates of future local labor market con-

" ditions. Public policy concern for coordinated planning
of economic development and employment and training
efforts potentially could affect decisions about the most
appropriate level of industry detail, the length of
forecasting period, the desirability of a capability to
conduct policy simulaﬁans Here also lig the sensitive
more demled pro;ecuans wcmlcl make mgfe effecnve
- the planning of employment and training and voca-

tional education programs. If there are more determi-

nant barriers to increasing program -effectiveness,
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arguments for large monetary investments to further
refine occupational information systems may not be as

compelling.

The Economic Environment: Sources of

Employment Lastability

The p:in:ipal paradex nf ecnnomm fnrecasting for
a:unnmy. ‘the need for relmble _and,a;curate estimates of
future labor market conditions for planning and policy-
making purposes is greater, but so is the difficulty in
generating such estimates. The basic reason for this is
that all available forecasting technologies, ranging from
the most naive to the most sophisticated, to some degree

project past trends into the future. When the key forces

acting upon a local labor market are unstable or un-
predictable, assumptions about the continuity of basic
economic conditions have less validity. In other words,
the bases for the projections are less reliable.

Economic theorists are essentially in agreement about
the general causes of aggregate and industry employ-
ment change in local economies: (1) changes in national
aggregate demand brought about by inherent cyclical

fluctuations and Federal counter-cyclical fiscal and -

monetary policy; (2) changes or shifts in demand for

‘particular -products due, . for ﬂample, to v:hanges in

relative prices of substitute products or chaﬁgas in taste;

(3) relative changes in local wage rates and/or prices of -

other local factor inputs; (4) changes in the level and
composition of the area population and labor force.
These .changes can have short term -(e. g, seascmal),
medium. term (cyclical), and/or long-term (secular) im-

pacts upon-the local employment base. Employment-
program planners and vocational education curricula -
modern, new - plams and - facilities - will - open in “small

planners are not principally concérned..with trying to

rgpand to short-term fluctuations in: occupnﬁonal de-:
~mand. The sources of m.stahlhty of local e ploymem .
bases which most concern e employment farecssters a.nd; :
pl.inners are those. whmh are cychcal or stmctural in -

nature.
Hatmﬂa! business cycles cause changg 1n area in-

: dustry emplayment. thmsgh dlffgrﬂy amung m-w :

que’ mdnstry mix, Bmaug ‘the. cyclica] hehaviér of a;b’

local ‘economy is ‘nothing more. than the. composite

, behavmr uf n.s mdustng. the cycheal behawar nf mh,

‘ia Michasl . Coaroy, The Chelfenge of Urban Econontle Developmeni (Lexingion,
l!!u..ﬁc.mmﬁ.hlmiiﬂ-jmmlwﬁrmm
mmm

’lsalateﬂ from- the

dition to local industry mix: the extent of inter-industry
linkages in the local economy-and the local enterprise
ownership structure (e:g., branch plants or single-plant
firms). In spite of some variation in how a given local
economy behaves in response to different national
business cycles (e.g., in terms of amplitude, duration,
lead or lag time), the behavior is sufficiently regular
that, given the analytic methods available, it can be

predicted with surprising accuracy how a local .

economy’ s employment base will change in response to
a national recession and recovery, if the latter can be ac-
curately predicted.* Unfortunately these tools are not
utilized presently in most local occupational employ-
ment projection efforts.

- Structural shifts are difficult to anticipate or predu:t
because they are largely nonrepetitive. They can have
sudden employment impacts whose effects endure for a
long period of time. Even the most sophisticated projec-
tion or forecasting techniques are frequently unable to
predict endogenously these shifts or their employment

" impacts; they must be predu:ted exogenously, i.e., out-

side the model.

As with nannnal!mt:manonal busmess cycles, long-
term economic trends and structural shifts have dif-
ferential employment impacts in local economies. Local

“economies have - different ages of capital stock and

physical mfrastructure which make for dlfferentml
levels of productivity and effmeney, d:fferent mixes of

obsolescent industries, and growth. mdustngs, different .

climates and leisure-time amenities, . etc, The ‘employ-
ment impacts of industry restructuring, capital, popula-
tion and labor _fprce migration trends. the shift to a

service-oriented domestic economy, revolutions i in com-

munication and’ atomation of work processes, and
global energy scarcity will be felt ﬂnfferenﬂy in different
areas. Plants will close in one local" ‘economy causing
severe economic, dislocation and. job loss, while- large,

labor  market - areas, - creating . *‘boomtown”’ ‘j:ffects,
while still other areas may bemme relatwely immune or

m;lfai-f ‘measure, is the art of making c correct starting
assumptions about the ‘economic condmons during the
forecasting period. .

%Mandnmmﬁsqurm Works In-
vesimeniy (Sants Mondca, Calif.: The Rand Corporation, R-1052-EDA) Jannary 1977, for an
m@ﬂﬂﬁhﬁﬁatih@m&g{hﬁmnmmammmn
buskuces and growth cycles.
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ALTERNATIVE APPROACEES 'I‘G PROJECTIN G AREA

OCCUPATI()N AL ENIPLQ}T’"

_ Overview Of A General
- Qccupatmnal Emplﬁyment
-» Pra]ectmn System o

The general function of an occupational employment

'projection system is to produce amaccurate and reliable -

themselves,

ﬂuctuatmn; and th: ammmt af the

_-The different. local o:cupatmnal ,’
tmn appraaches we hsve 1ined an

-set’ of forecasts of future jabrﬁf’enings for the targetv Rttt

ye;r by detailed Gecupation for the given study area,

“be descnbed as a set of five steps, or

is is. however, the last clement ina longer process. A €4
am system can -
ements. Ali..ough -

‘not all of the'approaches discussed i in th&:gpon include: - f ur

o - all of these elements, the system shown. 40 Figure 1 pro-
~ videsa. ‘useful’ ‘general framework for viswing the logic
of the ‘process and for pointing out the d:ff:rc.es_

amcmg the alternative approaches.

“Element 1: Industry Employment Prﬁjeeﬁans'

F‘The aim h:ré.ls to develop the best esuﬂiﬁtes of the 7
‘target-year employment levels for each detailed industry

in the study area. The means by which these emmates

can be developed range from the ‘‘crystal-ball”’ ap-
proach, to. ;lmple trend analys:s, to mtﬂn-equauun*

much of the remainder of this chapter hnd wﬂl reappear B 5
in subscqu:nt :hapters o '

Element 2: The Indnstry—ﬂ:mpaﬂun (Stafﬂng

Pattem) Matrix

The functicm of thls elemem 13 to eanvert or
transfurm t.he mdustnr emplﬂyment pm;gctxons“

'd;smbuuan of mbs among occupatmnal categbnés m‘

: Flgure 1. The General Occupational Emplommt P:éj'eﬁ::ﬁnn System

Industry/
~|. Occupation

Clccupatmnal
‘Openings

Thraugh Gmwth

] ...Tntal ;
: Pra;ected




each industry sector for the study area. The number in
each cell of the matrix refers specifically to the propor-
tion of jobs in industry, i, composed of employees in a
given occupation, j. The estimation of these numbers
(proportions) for each cell in the matrix becomes the
principal task in constructing thé¢ matrix. Data on the
distribution of jobs in an industry by occupation are ab-
tained through surveys of employers or from individuals
(e.g., through the U.S. Census). Issues of appropriate
level of industry and occupation detail, survey coverage,
and means of projecting changes in the cell values from
the base year tc the target year are among the most im-
portant ones here. The OES program developed by
DOL in cooperation with the SESA’s has brought
significant improvements to this element of the proje:-
tion system, although some unresolved problems re-
main.

It should be noted that each of the major alternative
approaches discussed in this report except- the direct
employer survey approach described later in this chapter
include this element in their projection system.

Element 3: Occupational Openings Thr
Growth

rough

After the industry staffing patterns have been
estimated, it is possible to obtain a set of occupation
employment projections for the study area. These pro-
jections will be consistent with the industry employment
projections developed in Element 1. That is, the occupa-
tional employment projections will be only as reliable
and accurate as the results of Element 1 and the estima-
tion of the matrix in Element 2. Job openings resulting
from growth are simply estimated by subtracting the
_base-year employmeri by occupation from the target-
year projections by cccupation.

Element 4: Projected Job Openings Throng
Replacement.

The results obtained in Element 3 are the target-year
estimates of occupational employment for the study
area but do not include job openings caused by workers
who leave existing jobs between the base year and the
target year. Such job openings occur for any number of
reasons—retirement, out-migration, promotion, long-

term illness, death, etc. Very often these job openings
far .outnumber the openings which result from new
emplnyment gmwth due ta loeal e:enumm develup— '

:-wnrkers who ]ES_VE their jobs do not rejprgsent net addl-
- tional jobs in the local economy. However, to those
- responsible for helping to prepare or train future par-

ticipants in the labor force for jobs that will actu.lly ex-
ist, they are of equal concern.’ The general proctdures
used for estimating job openings due to replacement
needs have been developed by BLS and are discussed
below.5

Element 5: Total Job Openings by Occupation

In this last element the results of Elements 3 and 4 are
combined for each occupational category, to arrive at
estimates of average annual job openings for the study
period. These figures, which are adjusted if necessary,
become the ‘‘target variables’ for planning employ-
ment and training and vocational education programs,
as well as serving as gaideposts for monitoring changes
in employment patterns in the study area.

Ili the fallﬂwing se:tiﬂns we r:vigw the salient

Emplcymgnt pm;:cuan system with fr:quent r:fgrences
to the general structure of that system, as described
above.

The OES Approach

The current OES approach to projecting occupational
employment for labor market areas has evolved from
the basic design incorporated in the Bureau of Labor
Statistics study, Tomorrow’s Manpower Needs (TMN),
February 1969. This study introduced the use of an
industry-occupation matrix (often called the staffing
pattern matrix), and this matrix is the heart of the OES
af.sprnsch The matrix pruvided a systgmaﬁc way uf pro-
d:nved prnjachans Qf mdustry emplnymem. Tlus
methodological advance was important because labor
market theory had supplied no firm basis for estimating
occupational employment directly. Techniques such as
Area—Sklll Surveys which attempted to do this were
unreliable and often produced projections with large er-
rors (see, for example, MacroSystems, Inc., 1974). On
the other hand, existing economic theory. was much bet-

ter eqmppgﬂ to explain industry’ employment. If a

reliable set of industry employment forecasts could be
generated, the industry-occupation matrix could

he Iﬂmﬂyﬂmdumvﬁmhﬁuﬂlﬂ:jﬂhmm

openings of t , 40 not represent availability In the
thmMmkMEWM, T. Piore, Internal Labor Marksts
#nd Manpower Analysis (Lexington, Mas.: D.C; Hexth) 1971,

“The render should keep in mind that the BLS procedares do 501 Atiempt 16 account for ol
components of job openligs through replicemént. Deaths and retirements are covered in the
extimnates of age- and sex- mﬂmmﬂmnmmmmm Job open-
'mbllﬁjllenmukeninumt.

ings dus 10 geographic or cecupational




translate these projections into a consistent set of oc-
cupational projections.

With the introduction of the matrix technique, the
Occupational Employment Statistics (OES) program
was begun in 1970. This program is a cooperative effort
involving primarily BLS and ETA and the various State
Employment Security Agencies. Basically, the SESA’s
are responsible for implementing the OES program,
which includes producing occupational employment
forecasts for the State as a whole and for the larger
iabor market areas within the State. BLS is responsible
for all technical and methodological aspects. It provides
projections of national employment and computer-
based statistical programs, as well as guidelines and
general technical assistance to the SESA’s. ETA has the
responsibility for funding the OES program and ad-
ministering and coordinating it at the Federal level.

The OES program has recently introduced several im-
portant improvements in the occupational forecasting
system which will be discussed below. Also, the Na-
tional Occupational Information Coordinating Com-
mittee and its State counterparts have begun to play an
important role in improving the relationships between
users’ information needs and the supply of occupational
information.

Although the OES program is built around the
industry-occupation matrix, BLS also offers to
cooperating SESA’s technical assistance and a set of
documented procedures for each of the other elements
of the forecasting system. The particular design of each
of the five elements in the OES approach is described
below.” In the description of each slement the emphasis
will be on identifying particular advantages or disadvan-
tages of the OES approach for developing occupational
employment projections.

Element I: Industry Employment Projections

There is no single, required tecanique to be used here.
The only constraint is that the industry detail be com-
patible with the industry detail of the industry-
occupation matrix.-BLS, howszver, recommends to the
SESA’s two classes of techniques: single-equation
regression models and shift-share models. Detailed
technical documentation for both, and a computer-
based statistical procedure (DASIE) for the regression
models are provided by BLS to the SESA’s. BLS also
provides to SESA’s nhational industry employment pro-

TThe resder ;Iiuiikﬁar in mmg !hll | :nmpmhen:iv: lnd hi;hly deuﬂa! decumentation
n!slsh HLS—,’: o i d in lhe

iﬂ;tians develaped fmrn a naticmal econometric model

Regression Models. The single-equaticn regression
model is the technique most commonly used by SESA’s
to forecast local industry employment. There is one
equation to predict the level of employment in each in-
dustry. In each equation, the level of employment in the
given industry is the dependent variable (appearing on
the left-hand side), and one or several independent
variables (appearing on the right-hand side) are chosen
as ‘‘predictors”” of the dependent variable. If there is
only one independent variable, then the model is refer-
red to as a simple regression equation; when there are
more than one, the model is called a multiple regression
equation, data for all the variables in a time-series are
collected and each of the equations are then cafibrated.
Calibration is usually performed using the statistical
package provided by BLS (DASIE). The package uses a
least-squares criterion for finding the straight line which -
best fits the time-series data. Regression coefficients are
estimated in the calibration procedure. After calibra-
tion, the equations (models) are ready for making pro-
jections (except for any desired preliminary testing).

Shift-Share Models. A shift-share model decomposes
an area’s change in the level of industry employment in-
to several mutually exclusive (and collectively exhau-
stive) components. There are several variations of shift-
share models; each has a somewhat different combina-
tion of components. The so-called “‘classical shift and
share,’” one of the most commonly used of this class of
techniques, has three components to *‘explain’’ employ-
ment change during a given time period:

i. The national share projects the change in the
area’s level of employment in each industry
proportionately to the change in tofal national
employment (for all industries) during the same
time period;

ii. Thv industry mix component projects the
change in the local area industry employment
proportionately to the change in national in-
dustry employment (same industry) for the
same time period. This component takes into
account the fact that employment levels in dif-
ferent industries change, in general, at rates dif-
ferent from the national average for all in-
dustries;

ili. The regional shift expresses the expected
change in industry employment owing to the
fact that the area’s growth rate in industry
employment may not coincide with the growth
rate of the Nation as a whole in the same in-
dustry. This would be due, in turn, to the area’s
competitive advantages or disadvantages vis a
vis all other areas. This is the so-called “‘shift’
component.



The model **works’’ by simply adding the three com-
ponents.’ The result is the expected change in the area’s
industry employment between time t (the base year) and
t + | (the target year). The data requirements to per-
form this analysis are exceedingly simple: (1) actual
total national employment at the base year and an in-
dependent forecast for the target year; (2) national in-
dustry employment at time t - 1 (~ prior, but recent,
observation), at time t (the base year), and att + 1 (an
independent forecast for the target year); and (3) the
area’s level of industry employment at time t - 1 and at
time t. Other variants of the classical shift and share
model have somewhat different, but still rather
undemanding, data requirements.

Issues in the Use of Single-Equation
Regression and Shift-Share Models.

Although the techniques “tHemselves are relatively
simple, there are a number_sf issues that must be
carefully thought out if they are to lead to reliable and
af.curate: industry emplaymem prgjections to b: fed into

the level af mdustry dlsagg:egauon, b) the chmce of the
particular model form; c) if the single-equation regres-
sion models are to.be used, the choice of independent
variables in each, equation; d) the appropriate length of
the forecasting period; and e) a procadure for assessing
and adjusting (if necessary) the output of the chosen
model. Each of these is discussed in turn.

a.) The question of what is the most appropriate level
of industry detail depends upon several factors: the level
of industry detail of the industry-occupation matrix to
be used for the particular labor market area: the
availability of detailed time-series data; the size and
distribution of area industry employment, i.e., loss of
staﬁstical r'eliability (cﬁnfidence). and the homageneny

available in ;h: area’s staffmg pattgrn mamx, sub;cct tn
to the constraints or limitations above.

b.) The choice between one of the several shift-share
models and the single-equation regression model is ac-
tually an empirical and pragmatic determination: the
technique which produces the most accurate forecasts

'shauld be adapted While the shxft-shafe mpdels

data reqmrem:nts far smgl:—squatmn regressmn quels
are still relatively modest and do not normally pose an
availability problem. Both shift-share and single-
equation regression models require exogenous national

¥in using this model (or any other, for that matter) the labor market analyst makes the final
determination of what the projections aball sctusily be: Thggumnpﬁuﬁuhym ‘sdjusi**
membﬁvhhhmimdﬂﬁuﬂﬂ The epportunities for adjusting the ourput from
statirrienl-basedl modely wre discosied st several points below.,

employment forecasts, but these are regularly provided
by BLS to SESA’s and other forecasting groups.

The single-equation regression model is a more ver-
satile technique than the shift-share models. Because
one can select from among a wide choice of possible ex-
planatory (independent) variables, there are greater
possibilities for adapting the model to capture the par-
ticular determinants of industry employment in a given
labor market area. There is little option in the choice of
components among the various shift-share models.

Unlike shift-share models (which are mathematical
identities), regression models need to be statistically
calibrated. Furthermore, it takes some knowledge and
familiarity with inferential statistical methods to be able
insightfully to interpret the results of regression models
(particularly multiple regression models); no such
specialized knowledge is required to interpret the results
of shift and share models. The calibration of single-
equation regression models should not be a major prob-
lem because of the technical assistance and statistical
software package (DASIE) provided by BLS. Local
labor market analysts probably have some need,
however, for additional guidance in interpreting the
results of regression models,

Fil;\a'.ll’y, there is a generally shared Qpinian among ex-

thnughﬁully specifned, they tend to pmduce more ac-
curate industry emplayment fnrecasts than sh:ft-shsre

dustry employmgnt trends to pm;ect mto the futur:. but
the accuracy of shift-share models is more highly depen-
dent upoxn: the stability of only one recent time period
(from t - 1 10 t). Regression models, on the other hand,
are generally calibrated over a longer period, include
many more time-series observations, and hence tend to
be more stable. Also the ability to choose a particular’
explanatory variable which captures an important but
unique determinant of local industry trends may
significantly improve forecasting accuracy when the
behavior of the local industry shows a tendency to
develop from the behavior of the same industry at the
national level,

¢.) The specification of a single-equation regression
model is important because it strongly affects the
model’s forecasting accuracy. BLS has recommended
that two or three particular explanatory variables be
used in each forecast:ng equanon (l) the "la*“ ﬁf the

wlm:h dat;a on amual ievels are available (at nme t, or
t - 1); (2) the target year estimate of the level of industry
emplcnyment at the natmnal l:vel and (3) some measure

or rate ﬁf gfawth vis a w.s that Bf the LJ S asa whnle

All three of these classes of explanatory variables are
rather coarse, and implicitly assume a highly stable local
employment structure including: (1) a stable rate of
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change of local industry employment; (2) a stable share
of national industry employment; and (3) a stable rate
of change of the size of the local economy (population)
in proportion to that of the U.S. For those local
economies (and industry categories within those local
economies) which have traditionally displayed such
highly stable patterns, we would expect models specified
with these particular explanatory variables to lead to
relatively accurate projections. There are, however,
many labor market areas and industry categories which
havg not exhibited such stsbility iﬂ recent perifbﬂs. Fnr

planatary vanables which are more sens:t,;ve to umque
lacal cﬁnditinns ir: order ta prgduce acceptably accurate

Greater technical assistance frnm BLS in the form of
a handbook with suggestions for selecting the most ap-
pmpriate explanatnry variables cauld lead to
smgle-equaunn mc:dels

d.) In general, different employment and training-
related programs require information on expected area
labor market conditions at different periods into the
future. There is a range of appropriate lengths of pro-
jection periods. Currently most SESA’s are producing

5-to 10-year projections. The techniques discussed here
ar:. not sufficiently sensitive instruments to be used to
develop reliable short-term projections (generally
periods shorter than 5 or 6 quarters). However, there is
no inherent reason why single-equation regression
models or shift-share models cannot be used to develop
area indusiry employment projections for, say, 2-to 5-
year projection periods. For these medium-term projec-
tions, the important factor to be taken into account in
model specification is the pattern of stability or in-
stability of local industry employment over business
cycles. Alternatively, knowledge of how local industries
behave over business cycles can be used in a series of
systematic adjustment to the output of the models. As
the length of the projection period increases after 3 or 4
years, the inherent disadvantages of single-equation
regression models relative to econometric models
become relatively insignificant. This is in large part due
to the inability of any forecasting or projection model to
foresee and incorporate many of the events which play
important roles in determining long-term emplgyment
levels.

e.) The OES program provides some limited
guidelines for evaluating and, if necessary, adjusting the
set of industry employment projections obtained from
cither the regression or shift-share models. This process
is called finalizing labor market area industry employ-
ment projections before their “‘input’’ into the industry-
occupation matrix (Element 2). The desirable elements
here include (1) determination of the ‘‘reasonableness’’
of the forecasts based upon economic and non-
economic assumptions developed for the forecast

PR 1R RN

period; (2) analysis of the model’s output by a panel of
economists and labor market analysts with familiarity
with the behavior of the local economy and local in-
dustry trends (the panel should include representatives
of the local business community, labor unions, trade
ﬁrganizatians snd Gavernment agencies), (3) ad-

nuunccments of new capnal mvestment dec;smns. plant
closings, etc.

No matter which technique is used for generating in-
dustry employment projections, the process of finaliz-
ing the projections by qualitatively assessing the perfor-
mance of the model used is a crucial and necessary task.
Yet the relative importance of the possible qualitative
assessments depends upon the particular technique
which was actually used to develop the projections. In
the case of single-equation regression models and shift-
share models, the testing of the reasonableness of the
model’s projections with economic and noneconomic
assumptions developed for the national and ‘local
economy for the projection period takes on increased
impartaﬂce This is bec'ause these classes cnf mdustry
“test" d;ffgrent future

mstruments they cannot

scenarios,

Element 2; The Industry-Occupation Matrix

As mentioned, the I-O matrix is the heart of the OES
program. It is the element of the system which kas
received the most attention by BLS.

Very simply, the industry-occupation matrix is a
technique which is used to convert a set of industry
employment projections into a set of occupational
employment projections. The matrix itself contains in-
formation about the staffing pattern of each industry,
in the form of ratios of the number of employees in a
given acv:up’atia’n iﬂ a given industry m total empluy-

the prucedures and data base used in estlmatmg thes:
occupational ratios,? and thus strengthened the occupa-
tional employment projection system as a whole. The
most salient characteristics of the I-O matrix technique,
and relevant BLS procedures for developing and im-
proving the matrices are described below.

Updnling the National and State Matrices. One of the
major problems and sources of fc:re‘*:a.stmg error with
the Census-based matrix was that the staffing pattern
ratios for all detailed occupations in all industries could
generally be updated only every 10 years.!® The OES-

%See Max L. Carey, “Eviluating the 1575 Projections of Oceupstlonsl Employment,”
Monihly Labor Review, June 1980, pp. 10:21,

"“in actuality, Current Population Survey {CPS) daia were used to update pons of the
matrix (industries with relatively large employment) in intercensal years, The sample sizes of
the CP3 intersental data were generally small, however, and were, in any event, narional



survey is conducted by participating States over a
repeated 3-year cycle, with approximately one-third of
the covered industries sample-surveyed every year. Even
allowing processing time, no portion of the OES survey-
based matrix will be more than 2 to 3-years out of date.
This more frequent updating of the matrix reduces inac-
curacy in the projection system because actual staffing
pattern changes in a given indusiry are likely to be
significantly less within a 2 to 3-year time period than in
a 10 to 11-year period.

Level of Detsil of Industry Sectors and Occupational
Categories. The OES-survey is capable of providing a
larger and more detailed set of staffing patterns than the
decennial Census could provide. Industry sectors are
disaggregated to the 3-digit SIC level (currently 368 such
sectors) while abour 1,500 different occupational
categories are available in total. For any single industry
sector, however, no more than 200 occupational
categories are available on the survey questionnaire
(although the particular 200 occupational categories, of
course, vary industry-by-industry). This limitation re-
quires the use of several residual, broad occupational
categories on the survey questionnaire (e.g., all other
clerical, all other operatives, etc.). An estimation pro-
cedure exists to reallocate the data in the residual oc-
cupational categories back to the much larger number
of detailed categories in the matrix. This procedure
reallocates on the basis of the proportional contribution
of each of the detailed occupational employment to the
rn@fe aggregats accupatiana] :atc,gary (e " clerical

mally Dbtam-d frnm the prevmus decenmal ansu,s,
There has not yet been any systematic testing of the ac-
curacy of this reallocation procedure. Since, however,
the size of the residual occupational employment levels

;ha_s tended to be small the size nf the error introduced

Usmg a more deta:le,d set of mdustry sectors reduces
projection error from at least one important source
because the heterogeneity in staffing patterns among
closely SIC-coded industries will be reduced. Many
znalysts believe that there is substantial variation in
staffing patterns among *“similar’’ industries at even the
3-digit level of the SIC code. A more detailed set of in-
dustry sectors, however, may require much larger
samples to achieve statistical reliability, or may not even
be possible in States where a particular industry
category is not highly represented. On the other hand,
there are other classifying variables, such as establish-
ment size, which, for a given industry sector, will help to
reduce the heterogeneity of staffing patterns.

The high degree of detail of occupational categories
in the OES survey-based matrix makes it possible to
have an equally high level of detail in the occupational
employment projections. Yet there are at least some
questions about the desirability and need for more

highly detailed occupational employment projections,
given the quality of the information base and propensity
for nonsampling error on the one hand, and, on the
other, the capacity of the actual employment and train-
ing, and vocational education delivery systems to effec-
tively utilize more detailed information.

First, in regard to the information base, there may be
a substantial but unknown amount of nonsampling er-
ror in the classification and reporting of occupational
titles. Many establishments have their own idiosyncratic
occupational codes which may not coincide with any of
the several official Federal classification systems, par-
ticularly the classification system used on the-OES
survey questionnaire. Whenever an establishment uses a
different internal coding system, a “cross-walk’’ must
be performed and this introduces error. The more
detailed the set of occupational categories in the OES
matrix, the larger the potential error. Ironically, there is
a tendency to assume that a more detailed set of occupa-
tional employment projections, which a more detailed
matrix can help develop, is correspondingly more ac-
curate. But in the presence of this kind of nonsampling
error of the input data, the opposite may well be true.
The optimal level of detail depends upon the accuracy
of the information obtained in the OES survey.

The response capacity of actual employment and
training programs to highly detailed occupational
forecasts involves, in part, the relationship of occupa-
tional categories to skill requirements. Employers “‘de-
mand”’ a specific set of skills. To meet this need, oc-
cupation employment projections ideally should be pro-
jections of future labor needs (skills) requirements.
While occupational classification systems are designed,
in part, to reflect different sets of skill requirements,
there are numerous groups of occupations which require
many of the same set of skills and educational
background. Different occupational titles are used to
distinguish such items as seniority, wage levels, previous
position, etc., in addition to skill requirements. Also,
skill requirements are becoming increasingly
homogenous in the rapidly expanding white-collar but
nonprofessional occupational groups: clerical and sales
workers. It is probably not the responsibility of the oc-
cupational employment projection system to translate
estimated occupational demand into demand for labor
skill classes, but the discrepancy remains a problem for
many users.

Industry Coverage of the OES Survey. The
respondents to the OES survey are establishments,
whereas the respondents ii. the decennial Census are
workers or other members of workers’ households. Ex-
cept for variations in establishments’ occupational
classifications as discussed above, responses by
establishments are generally considered to be the more
reliable of the two. Not all establishments, however, are
included in the universe when designing the sample,
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Only those establishments covered under the States’
Unemployment Insurance (UI) laws are included, which
means only nonagricultural wage and salary workers.
Adjustments to account for the other classes of workers
(which are proportionally small) are based upon infor-
mation from other sources.

One other item about industry coverage is pertinent.
In the OES survey-based matrix there are three separate
government industries: Federal, State, and local
(including county). In the old Census-based matrix,
employment in the government sector was allocated to
the appropriate separate private-sector industry
categories. The change reflects the increasing quan-
titative importance of the government sectors as a
source of employment, and the recognition that staffing
patterns in the government sectors do not necessarily
coincide with those in private industries.

itial rounds of State and Area occupational employment
projections (Interim Projections Program in
1972-1973), the staffing patterns which were used for
developing area occupational employment projections
were those represented by the Census-based national
matrix. Here the State and area projections were

(1980) national matrix following ‘‘Method A.”'!! State
and area matrices had not yet been operationally
developed.

In the second round of th.e State and Area Projections
Program, 1975-1977, occupational employment projec-
200,000 population, using staffing pattern matrices
based upon the employment data for the particular area
in the 1970 Census. The ztaffing pattern matrices which
were generated for labor market areas with
50,000-249,999 population were based on industry staff-
ing patterns of the ‘‘balance-of-State,” again taken
from the 1970 Census. In the latter, the area was too
small to arrive at statistically reliable matrices from
employment data for that area. By using the ‘“*balance-
of-State’’ staffing patterns instead of the national
matrix or even the particular State’s matrix, however,
the resulting matrix would be more likely to refleci the
actual staffing pattern of the smaller sized labor market
area. For the case of States and the larger labor market
areas, “‘Method B”’ was used to develop projections
using a base period matrix and projected matrix. For the
smaller labor market areas, **Modified Method A’ was
used,

In both ‘“Method B and *‘Modified Method A,*’
however, the updating is based upon national change

" Msee U.S. Bureau of Labor Statistics, Ocrupariona wment Statistics Handbook
April 1979, pp. 46-47 for a deseri] of these and related techniques, or, alternatively, U.5.
Bureau of Labor Statistics, Tomorrow’s Manpower Needs, Vol. 1;.BLS Bullstin No. 1606,
1943, :

factors. ‘‘Pure’’ local area staffing pattern matrices
were never developed.

With the switch to the OES survey, there may no
longer be a need for updating the matrix using any of
the methods mentioned above. The QOES survey pro-
vides a capability for generating area-specific matrices
for the larger LMA’s but not directly for the smaller
SMA’s because of insufficient cell size. It would be
necessary to greatly expand the States’ OES sample or,
alternatively, over-sample in each of the smaller labor
market areas to achieve statistical confidence in the
resulting matrix. Both alternatives involve considerably
greater expense and would not be budgetarily feasible in
many States,

An alternative approach--the simulation of area
matrices-- is being studied in several States. The early
results of tests of their accuracy have been mixed. The
approach involved using the relevant State staffing pat-
tern matrix but adjusted for the labor market area’s uni-
que detailed industry mix and distribution of size of
establishment in each local industry. Independent
studies have shown that staffing patterns among firms
within a given industry differ, most importantly, by the
size of the firm. By knowing the size-of-firm distribu-
tion and industry mix of the labor market area from the
ES 202 series, and the different staffing patterps for dif-
ferent firm size classes in each industry at the State level,
local area matrices can be *“‘simulated’’ from the State
matrix. The assumption which must be made is that the
local area staffing patterns of local industries is similar
to the staffing patterns of industries statewide for the
same size-of-firm classes. Currently the States of Col-
orado, New Hampshire, New Jersey, Oregon, Texas,
and Utah are using this simulation approach for the
development of matrices for smaller LMA’s. In general,
the approach offers the greatest applicability in primari-
ly rural and non-metropolitan States.

Reviewing and Adjusting the Results of the OES
Survey. Review of the employers’ responses to the
survey by experienced analysts can reduce nonsampling
error before the information is used to calculate the
staffing pattern ratios in the matrix itself. Analysts who
have become familiar with the typical staffing patterns
and production processes of a group of industries (e.g.,
food processing, business services) can readily identify a
firm’s responses which substantially deviate from the
typical pattern. They can then check for reporting errors
or possible misclassification of the firm in the SIC code
by contacting the employer. In the process of doing this
over several years in the same labor market area, the
analysts can become very familiar with the unique staff-
ing patterns of locally represented industries on a firm-
by-firm basis.
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Element 3: Occupational Openings Through

Growth

The output of the OES survey-based matrix is a a set
of occupational employment projections consistent with
the finalized industry employinent projections in Ele-
ment 1. This set of occupational employment projec-
tions are converted to expansion (contraction) needs by
subtracting, for each occupational category, the base-
year occupational employment level from the target-
year projection. -

Element 4: Projecting Replacement Needs by
Occupation

A significant proportion of the total job openings
that occur for a given occupation during a projection
pericyd are due to lahnr fﬁrce separations A Séparatian
of reasons-—retirsmem, long- term illness. death,
childbirth, out-migration, occupational mobility, etc.

When a separation occurs, either the worker is replac-
ed by someone else, or the job is eliminted. If the job
continues to exist, then a job opening due to replace-
ment is created. In general, there can be job openings in
a given occupation even in areas in which there is no net
occupational employment exp-ansicn In estimating jcb
openings due to replaccment,
estimating, for each occupation, the p:0portipn of the
jobs that exist in the base year in which there will be a
separation. Since separations occur for a number of dif-
ferent reasons, it is really necessary to estimate separate-
ly each component rate of the total separation rate.
Some of these component rates are highly stable (retire-
ment, death) over time and across States and areas
(camputeﬁ by ags: and sex), whilz nthers may vaw

tmn (occupaﬂunai mobihty, liong term illness), or by in-
dusiry and area (layoffs).

In the OES system, only separations due to deaths
and retirement are estimated. Other separation com-
ponents are not estimated because of either data
unavailability or methodological weaknesses. Separa-
tions due to deaths and retirements are currently
estimated with the use of occupational separation rates
using the “‘working life table’’ method.!? This method
estimates State occupational separation rates as func-
tions of national sex- and age-specific separation rates
(not occupationally specific), and State age- and sex-

- specific levels of occupational employment. This latter

information is obtained from the latest decennial Cen-
sus. In this BLS pmcedure, it is implicitly assumed that

'Eﬁ-mmarmﬁm:gus Bureau of Labor Statistics,
Tomorrow's Ménpowir Needs, Supplemant 4, “Estimating Gecupational Separations from
the Labor Force. "

retirement will result in a job opening during the same
time period. If in actuality the job is eliminated, then
the information shows up in the results of Element 3, as
a contribution to employment decline.

When the occupational separation rates have been
estimated, an estimate of annual separations by occupa-
tion is calculated by multiplying the average occupa-
tional employment level during the study period by the
relevant occupational separation rate. The average oc-
cupational employment level during the forecast period
is the midpoint of the base-year occupational employ-
ment level and the projected target-year level (from Ele-
ment 3). The estimates of job openings due to replace-
ment are represented by the estimates of annual separa-
tions,

Problems With the Method. There are two principal
problems with the methods used in the OES approach
for estimating area replacement needs. First, the sex-
and age-specific separation rates are national rates and
are not disaggregated by occupation. It is generally
known that different occupations have different separa-
tion rates owing to such employment factors as health
and safety, labor union representation, wage and salary
level, level of welfare benefits, pension and health care
benefits, previous training and education required, etc.
Moreover, some of these factors vary considerably
across differerlt regicms snd States.

variations among 'LMA’s in qult rates due to declsmns

to move from the area. When calculating separation.

rates for the Nation as a whole, the inter-area migration
component of the separation rate can essentially be ig-
nored. At the State level it becomes a greater doncern,
and at the area level quits due to decisions to m%r,a&c
can be sizahle proportion nf mtal tumnver J@S

s:dgrably in the po;t—Wurld Wsr*'ll permd there are
labor market areas whigif*’a:e generally areas of net
in-migration and othiér areas of net ocut-migration. Yet
the aggregate et-migration rate for an area does not
even- tell the whole story. There can be considerable
variation among an area’s migration rates by occupa-
tional category.

There is currently no systematic method in the OES
system of estimating area quit rates due to out-
migration (by occupation) or estimating separation rates
due to occupational mobility. Projecting job openings
due to replacement needs for labor market areas can be
improved by developing procedures for estimating
separation rates using at least State data, and also by ex-
amining variations in individual components of the
separation rate (death, retirement, disability, childbirth,
ami quits due ta decisian tcn migrate) across States snd

bEfG[E local la,bc: ma.rket analyst.s can s;gmflgantly 1m=
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prove the accuracy of the estimate of this component of
the separation rate.

Element 5: Forecasts of Total Job Openings .

" Total job openings in a given occupation are com-
posed of: (1) job openings due to iocal employment ex-
pansion (or job closings due to contraction); and (2) job
openings due tn_r:pla:ement needs. Since total job
openings are forecast for a study period—between the
_base year and the target year——and the study period
varies in length depending upon users’ labor market in-
formation needs, projections of total job openings in
the OES approach are calculated as annual job open-
ings. Replacement needs in Element 4 were calculated
on an axmual basis since the eccupstmnal separation
ratcs were estimat.ed cm an ammal bssxs In Element 5,
Element 3 are cﬂnverted tc av:fage mual :xpansnm
(contraction) needs by dividing the difference between
base-year employment levels and target-year levels by
the number of years in the projection period. This
figur y when added to tl:l= annusl rsplacemeﬂt need

gvgn ncf:upatxan durmg th: pmmmﬁn penad Wh:ﬂ
this is done for each occupational category in the I-O
matrix, the resulting set of figure represents the final
- product of the occupational employment projection
system.

Econometric Models of
Local Labor Markets

Econometric models comprise the second category of
the major approaches for developing area occupational
employment projections. In most applications to local
occupational projecting, econometric models lead oaly
to mdustry emplnymem prmechans—Element l
sive one.

Econometric models are nothmg more than a set o‘P
equations which together describe the behavior of the
local economy. Among the equations are those whose
dependent variable (on the left-hand side) is the level of

_industry employment. In general, however, these par-

ticular equations cannot be solved without

sunultaneausly solving all the athe: equatmns, sincein-

dusiry emplnym:nt levels are nnly onelinkina chain of
logical relationships among a larger number .of
economic variables. This . differentiates ‘econometric
models from the single equation regression techmques
discussed above. The simultaneous solution of the equa-
tions invariably requires the use of large-capaclty (ex-
psnswe) computers. A hypothetical, ‘but by no.means

typical, set -of relationships among local economic

variables pictured in a local econometric mgdq:l isshown ° '

in Figure 2. The relatively complex picture of the:local
economy represented here should be contrasted to the
rather simple picture represented by the single-equation
regression models described above,

;'“"“"'““'"“g"“:;“
— Exégen;ims _froca ] 1;31 : L.ncal T -
Variables [ PDpulatmn | Wage S Unemployment |
T T | Leve Rate
Local Local .J Il | L +
Personal |——————r gt Output ol —_— Employment
Income T 1 * — T
A “Pricesof
——— Non-Labor
Investment gy
— Production
_ _ ) 7‘7 o Inputs

Figure 2. An Econometric Model’s Picture of a Local
Economy
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The process of building an econometric model for
forecasting purposes is not unlike that of constructing
single-equation regression models. It is only more in-
tricate and expensive. Briefly, the steps include model
specification, data collection and assembly, model
calibration, model testing, and respecification and
calibration if necessary, before the model is ready for
actual forecasting.

Model specification means identifying the most ap-
prnpﬁste stmeture of the moe‘el to fit particular pur-
the 1ndependent. or explanatﬂ,ry vanables in eaeh equa=
tion. Good model specification relies almost as much on
experience in the art of modeling (i.e., knowing what
works) as on urban/regional economic theory.

Data ealleetiem and assembly entails having values fer

the speelfled vanables dn not ex;st in sufflczlently lnng
time-series, and so ‘‘surrogate’’ variables have to be
used, or constructed. The alternative is to go back and
respecify parts of the model. Model calibration means
*“fitting”’ the model to the historical time-series data
which describe the behavior of the local economy and
the important exogenous forces which have acted on it.
Mnre speeifieally. it entails estimating eaeh nf the
pa:ameters ef the mudel) in every eQuanon of the
model.

The two most frequently used statistical techniques
for calibrating an econometric model are called
ordinary-least-squares (OLS) and two-stage-least
squares (TSLS). In the calibration phase the model
builder has the first opportunity to know how accurate
the model is likely to be when it is to be used for
forecasting. A poor ““fit’’ here will cause the model-
builder to go back and consider an alternative specifica-
tion.

A model should be tested outside the calibration
period before it is used for forecasting in the public
policy realm. Testing outside the calibration period
means seeing how well the model can forecast local
employment for time periods in which actual data is
available, but which were not included in the original
fitting of the model to the date. Often this requires a
time delay of several years between final calibration and
‘‘operationality.”’ Because of this delay, testing fre-
quently does not take place before the model is actually
put into operation. In the sections below we discuss in
g‘eater detaii the mest impertant ehefaeteristies of these
local eceupetmnal pre;eenen systemg The first set of
issues deals with technical characteristics of the
econometric models in the occupational prmeenen pro-
cess, and some of the results to date,
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Aruitoxt provided by Eic:

Technical Characteristics

Output Information. Econometric models of local
labor markets represent an alternative means of com-
pleting Element 1 of the occupational projection
system. That is, the relevant output of these models is a
set of estimated levels of indusitry employment for the
target-year for the labor market area. Although
theoretically the other elements may be included as
separate submodels, in most applications they are not.
In any event, a technique for converting the set of in-
dustry employment projections into a consistent set of
occupational employment projections must be appen-
ded to the core econometric model in this approach. The
core econometric model should be seen as an alternative
only to the single-equation regression models or shift-
share models or other industry employment projection
techniques, and not as an alternative to the OES system
as a whole.

Data Requirements. Econometric models require two
kinds of data for their calibration and use in employ-
ment forecasting. The first is an historical time-series of
every economic variable specified in the model. This is
necessary for calibrating the model, i.e., for estimating
the model’s parameters. The second type of required
data are target-yeaf foreeasts ef sll independent
variables. This is n
the model has been eallbrated and tested

On a general level, the above data requirements are
the same as for single-equation regression models
discussed earlier. Yet, even though the kinds of data
which are required are the same, the actual data re-
quirements for developing and utilizing fully specified
econometric models are significantly more severe, This
is true for two reasons: (1) there are a larger number of
national and local economic variables. specified in an
econometric model; and (2) because a more complex
““picture’’ of the local economy is being drawn by the
model, a larger number of time-series observations for
each variable is required to maintain a given number of
statistical degrees of freedom. Indéed, most of the im-
poﬁant prablems whieh have hindered the deve]epment

ved areund the avaﬂabllny of data. These pmblems
have been compounded in the development of substate

models.

Many of the economic variables which regional
economic theory would indicate should be included in
the model specifications are, on a subnational level,
available only annually. Because of the use of annual
data there are relatively few observations available for
many economic variables at a subnational level. The

oo

ity



paucity of observations sharply constrains the complex-
ity of the equation structure of the model and the
number of independent variables in any given equation
(often to one or two). The fact that there are fewer
economic variables available in gny consistent time
series for substate areas further constrains the model
specification. Both problems lead to errors of specifica-
tion and thus reduce the model’s forecasting accuracy.

There are several strategies which model builders
utilize to help overcome these data availability pro-
blems, but each commonly leads to either alternative
specification error or measurement error. One strategy
is to simplify the equation structure and to reduce the
complexity of relationships among the various
economic variables. As was mentioned above, this leads
to specification error.

A second strategy is to use national economic
variables in lieu of their local counterpart as indepen-
dent variables, or, alternatively, to use some “‘share’’
variable. There are historical time series developed for a
very large number of economic variables for the U.S.
over an extended period, ensuring a large number of
observations. Moreover, national econometric models
can be utilized readily and relatively reliably to forecast
target-year national-level economic variables. Among
these are models developed by the Bureau of Economic
Analysis in the U. S. Commerce Department and the
economic growth model package developed by BLS.
The principal problem of this strategy is that in addition
to misspecifying economic relationships, it reduces the
advantages of developing local econometric models in
the first place. A third strategy is to use surrogate
variables in cases where the preferred variables do not
exist in sufficient time-series, or to construct a time-
series from incomplete information using such
mathematical techniques as interpolation or extrapola-
tion. The former leads to specification error, the latter
to measurement or information error.

In due course there will be a sufficient number of an-
nual observations of variables collected and published
for substate areas to allow for greater complexity in
equation structure. The rather narrow range of local
economic variables in a consistent time series, and in-
adequate methods of reliably forecasting target-year
values of local economic variables used as independent
variables, however, will constrain the development at
moderate costs of accurate, sufficiently detailed, and
locally sensitive econometric models.

Finally, almost all local econometric models must be
linked in some fashion with a national model to obtain
target-year forecasts of national-level independent
variables. The degree of coordination between the
development of a local model and a national model
depends upon the modeling design strategy chosen (see
below). The larger, private economic-forecasting firms
with models of the U. S. economy have the capacity of

15

building local models which are satellites of the national
model. This has the advantage of ensuring consistency
and compatibility. In any event there is, of course, a fee
for purchasing the services of these private economic
forecasting groups. The BEA and BLS national models,
on the other hand, may not provide a sufficient range of
national-level variables required as input to the local
model.

Level of Iudusiry Detail. Can local econometric
models lead to a more detailed set of industry employ-
ment forecasts than other approaches? The level of in-
dustry detail is constrained primarily by the availability
of input data for model calibration and secondarily by
some model design strategies.

The ES 202 data files are among the most detailed in-
dustry employment information in consistent time-
series available for labor market areas (although it must
dustry detail of the published ES 202 data varies,
however, by the size of the labor market area, due to the
problem of statistical reliability of small samples. Thus
the smaller the labor market area, the less industry
detail one can design into the model. Frequently one is
constrained to the 1-digit SIC level for small labor
market areas, while the 3-digit SIC level is theoretically
possible for the largest areas,

Most subnational econometric models which have
been developed to date are highly aggregated (macro-
models) with industry sectors defined at the 1-digit SIC
level at best. These models, however, have not been
developed with the intention of their being utilized in
the occupational employment projection system. The
models recently developed at the University of Arizona
by Taylor, ef al. demonstrate that there are no serious
limits to designing and specifying highly detailed
econometric models aside from the data availability
problem. Of course, there are other considerations
which determine the optimal level of industry detail (the
same as those discussed in the preceding sectiori of this
chapter).

for various lengths of forecasting periods.

Subnational econometric models have usually been
designed to address short-term and medium-term infor-
mation needs. The usual recommended maximum
forecasting period is 2 to 3 years. This period is consis-
tent with that of most national models, as well as
government and private sector concern for the capacity

- to anticipate cyclical fluctuations in employment and in-

vestment levels for effective “triggering of counter-
cyclical programs. Many econometricians admit that the
theory of local economic behavior is not sufficiently ad-
vanced to specify forecasting equations correctly for




periods beyond 2 to 3 years. Longer term
growth/decline cycles (e.g., 4 to 10 years) or secular
trends are much more difficult to predict. While some
forecasting models are technically capable of producing
longer-term forecasts recursively in quarterly or annual
increments, the forecasting error is usually significantly
higher. In general, the longer the forecasting period
beyond, say 6 to 8 quarters, the larger the error.

forecasts with econometric models are less accurate than
with, say, single-equation regression models. Rather,
the factors which econometric models can best take into
account—the set of complex relationships among sec-
tors within the local economy—are often not the most
crucial factors in determining long-term industry
employment change. Thus for 5-year industry eraploy-
ment forecasts, econometric models lose a good propor-
tion of their structural advantage over single-equation
regression models.

Sensitivity to Unique Local Labor Market Condi-
tions. One of the principal advantages of econometric
models in the local occupational forecasting process is
their potential ability to take into account unique local
conditions which affect industry employment levels.
Single-equation regression or shift-share models, as we
have seen, lack this ability.

There is little question that econometric models can
be designed to be more sensitive to local labor market
conditions than single-equation regression models.
There is much greater flexibility in the specification of
the individual equations, which permits the selection of
appropriate local economic variables as explanatory
variables. On the other hand, many of the local factors
which often play a considerable role in determining
levels of industry employment are nonrepetitive events
or results from ‘‘irrational’’ (i.e., noneconomic) deci-
sions. Other kinds of local conditions which affect
employment levels may b= “‘qualitative’® in nature and
thus cannot be easily incorporated into an essentially
highly quantitative methodology. Our ability to predict
these kinds of events, impacts, or conditions is weak. At
best, probabilistic or stochastic modeling approaches
would be required. Such modeling techniques are
available, but we frequently have no basis for correctly
determining what the probability distribution of these
kinds ‘of events occurring actually may be.

which have been demonstrated to affect significantly in-
dustry employment levels tend to be industry-specific.
We know, for instance, that there are often considerable
variations in growth trends in a given industry among
different labor market areas. Plants in the same in-
dustry have differential levels of efficiency owing to dif-
ferences in the age of fixed capital, size of the facility,
and relative locational advantages/disadvantages. They
also have different mixes of functions in the overall pro-
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duction process (actual production, distribution, ad-
ministration, marketing, etc.) and these functions
change over time. Industry trends measured at the na-
tional level will only coincidentally predict local trends
in the same industry, and only if the local firms exhibit
‘‘average’’ behavior among all firms/plants in that in-
dustry nationally.

It is evident, on the basis of discussion above, that the
capability of including a larger array of local economic
variables in the models’ equations will improve the sen-
sitivity of the model to unique local conditions, and can

data sources for labor market areas, however, hides
much of the uniqueness of local industry behavior. That
is, the broader the industry classification used, the less
sensitive the model can be, not because of the structure
of the model, but because of the limits of the data. The
issue here is that ‘ocal economic data must be improved
before the potential ability of econometric models to
take into account unique local industry behavior can be
more fully utilized.

Alternative Model Design Strategies: Satellite or En-
dogenous. Fully specified subnational econometric
models all take into account two classes of economic

(e.g., area income, output unemployment, population,
industry employment, etc.) and (2) those between na-
tional economic variables and economic variables for
in their design to each class of relationships. Two dif-
ferent strategies have emerged for building regional
models:13 the “‘satellite’” approach and the ‘‘en-
dogenous’’ approach.

In the satellite approach, the regional model is driven
basically by a national model. The national model
makes target year estimates of key national economi
variables (including national industry employment), and

variables in the equations. The relationships in this ap-
proach are uni-directional—from the national fo the
regional. The key linkages between the national and
regional economies are in estimating regional exports
and imports of goods and services (by industry sector).
Exports are expressed in the form of a demand equation
for the region’s goods as a function of national
economic activity (and relative prices); imports depend
upon the relative prices between goods produced in the
region and the prices of imports. Regional price and
wage rates, in turn, are tied to national economic

‘variables (vis g vis local labor market conditions);

regional capital formation is determined, in large part,

et pegional” is used here o distingulsh narional models from subnationsl modeli—LMA's,
SMSA's, or Suites. The word “'local’* can be substituted for “regional,”” but the discuszion
applies to a/f subnational econometric models,
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by national money market conditions, etc. The theory
that the ups and downs of the region’s economy are
heavily determined by fluctuations in the national
economy.

The endogenous approach assumes that the regional
economy has its own development path apart from what
is occurring nationally. That is not to say that the per-
formance of the national economy does not affect the
region’s economy. Indeed a national model is still used
to estimate target-year national economic variables.
Rather, relative emphasis distinguishes the two regional
econometric modeling strategies. On the one hand, em-

the national economic performance, while on the other,
those local factors and economic relationships which
determine the region’s unique development path are em-
phasized. Accordingly, a larger percentage of the in-
dependent variables in the various equations of the en-
dogenous type are regional level variables; the structure
of the regional model is not constrained to be analogous
to any national model. There is somewhat more flex-
ibility to emphasize selectively the key sectors of the
regional economy and the particular relationships be-
tween economic variables which may have special im-
portance regionally. In this modeling approach, for

determined by /Jocal labor market conditions, and
regional capital formation may be less dependent upon
national interest rates and more dependent upon area
population migration trends.

There are advantages and disadvantages to each
strategy. The principal advantage of the ‘‘satellite’
strategy lies in the fact that, compared with regional
models, national models are more reliable (having pro-
ven themselves in repeated testing), have a larger
number of time-series observations for more stable
bases. Hence a given regional model can borrow from
the strengths of a good, proven, national model when
designed analogously and linked as a satellite to it. A
related advantage is assured consistency of all regional
economic variables with their national counterparts.
Finally, the data requirements of the satellite approach,
while not trivial, are less formidable. The main disad-
vantage is the imposition of a theoretical relationship
between the national economy and the regional
economy which may or may not hold for a given local or
regional economy.

In the endogenous strategy, the principal disadvan-
tage is the weaker data base. Many of the independent
variables are regional. The scope of regional economic
variables available in reliable, consistent time series data
is limited compared with economic data at the national
level. Moreover, even when available, the number of

weaker data base, the parameter estimates may be less

stable, and if so, poorer forecasting results would be ex-
pected. The principal advantage of this approach is the
greater flexibility in the model's structural design, and
in the specification of the individual equations.

All of these issues aside, there are good examples of
each modeling strategy in existence. Each has its own
strong advocates among the economic modeling com-

an analysis of the behavioral characteristics of the
regional economy in question, and, in particular, upon
the local economy’s relationship with the performance
of the national economy. In labor market areas like
Detroit or Pittsburgh, for instance, the key sec-
tors—durable goods manufacturing—are export
industries with national markets. Demand for locally
produced goods and, hence, local income and employ-
ment are thus strongly tied to national business and
growth cycles. Here, by choosing the satellite strategy,
one correctly would be choosing to emphasize the im-
portance of national demand effects as the key deter-
minants of local economic variables, including industry
employment. In other labor market areas, such as
Atlanta or Denver, the regional economy is not so much
tied to national markets for locally produced goods and
services, but to a regional market. The key factors here
are population in-migration, residential construction,
tourism, and the like. Much of the high economic
growth rate in the respective regions has been “‘built-
in,”” and so a satelite-type model would probably
systematically underestimate output and employment
growth in both the Atlanta and Denver economies. An
endogenous-type model would probably outperform a
satellite-type regional model, in spite of a disadvan-
tageous data base. For regions which fall closer to the

little sensitivity to national economic performance), the
satellite-type modeling strategy probably should be
preferred because these models are easier to build and
less costly to update, and are less likely to yield poor

dependency upon a proven national model.

Consideration of Supply Side Factors. The growth or
decline in markets for goods and services produced
locally are not the only determinants of employment
change by industry and by occupation. The availability
of labor—by skill level and by wage demand—often
plays a determining role in the location and expansion
plans of firms. Supply side factors are considered in
forecasting job openings through replacement as
discussed above, but the question here is whether local
econometric models used in the occupational employ-
ment projection process take the availability of labor
into account in forecasting industry employment.

Most econometric models are demand-oriented. They
implicitly assume that there will be adequate supply of
all factor inputs, including labor. Yet there are several
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types of situations where this will not always be the case
and where a labor supply component of a model would
be needed to develop accurate forecasts,

One typical case, most apt to occur in the older
manufacturing cities, but also found in areas where the
durable goods manufacturing sector is now suddenly
developing (e.g., the Southwest), involves shortages of
highly skilled, blue-collar workers. These shortages
have been cited in industry surveys as factors preventing
expansion of operations when demand is running high,
and eventually causing out-migration of plants to labor
market areas with a more adequate labor supply. Train-
ing programs have not, in general, adequately met this
problem for a variety of reasons, including inadequate
labor market information.

Similarly, in the very rapidly growing areas of the
West and Southwest—the energy boomtowns, and
similar places—Ilabor supply factors can have important
effects on employment levels by industry. Here across-
the-board labor shortages, not restricted to one group
of occupations, can slow down employment growth

oriented model.

Some model builders (e.g., see Alper, 1978; or
Taylor, et.al, 1979) have dealt with this problem by
building a separate labor supply submodel based upon
demographic (birth and death rates by cohorts) and
migration trends, and attaching the submodel to the
main, demand-oriented model. With proper linkages,
the demand and supply componsnts would be solved

impact of supply side constraints, if any. An alternative
strategy would be to include certain supply side factors
directly into the main ‘‘demand’’ model as a set of fac-
tor price variables. This assumes that demand will be af-
fected by the price of factor inputs which in turn would
reflect real constraints.

From the point of view of occupational employment
projection purposes, however, there is a good reason
not to let anticipated manpower shortages affect the
forecasted level of employment: to do so would defeat
the purpose of using projection models to identify oc-
cupational shortages. Other supply side constraints
(e.g., gasoline or energy shortages) would still be in-
cluded, however. On the other hand, this places a great
deal of responsibility on the Employment and Training
system *‘to deliver’’ so that unrealistic expectations of
job openings are not encouraged.

In any event, there are several different strategies for
taking the supply side into account within econometric
models, despite a lack of attention to the supply side to

The Udlity of Econometric Models for Policy
Analysis. One major reason for building subnational
econometric models is to predict the impact of proposed
public policies or other exogénous events (e.g., a three-
fold increase in the price of crude oil) upon regional
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economuc variables such as output, income, employ-
ment, etc. Forecasting and policy analysis with
forecasting models are not the same, however. When
one is interested in forecasting only, the relevant ques-
tion is: ““What will be the future level of employment in
industry? When one is interested in doing policy
analysis, the question becomes: ‘““How would the level
of employment in industry be affected by policy X or
event Y?'' To undertake policy analysis, one needs a
technique which simulates the relevant dimensions of
the initial policy or exogenous event itself, and takes

impacts and describes how an exogenous shock gets
transmitted throughout various sectors of a local
economy.

Fully specified local econometric models potentially
are well-equipped to measure indirect employment im-
pacts of policies or exogenous ‘“shocks’’ because of the
empbhasis placed on local sectoral interrelationships and
linkages. However, the ability of econometric models to
adequately simulate the relevant dimensions of the
policy or shock varies. Models have practical limits in
terms of the variety of policies and exogenous events
and the level of detail to which they can be sensitive.
Policy analysis of this type is very difficult to perform in
general, even at the national level with good national
models.

It should be noted that an increasing number of State
and local governments are employing econometric
models in the budget planning process to test the impact
of proposed legislative changes, policy initiatives, and
other foreseeable exogenous economic events on local
or State government revenue bases. It is likely that the

process.

Public Management Issues

The use of an econometric model for local area oc-
cupational forecastinig requires resources and/or com-
mitments for: (a) updating and maintaining the data
base and the model; (b) interpreting and adjusting the
results; (¢) providing clear, readable documentation of
the mode! to nontechnical staff and to the various user

groups; and (d) coordinating the preparation and—

dissemination of forecasts with those of other local
agencies and groups involved in local area economic
forecasting.

Updating and Maintaining the Data Base and
Model. There are three aspects to consider here, First,
as is common with all other forecasting approaches
based upon future projections of historical trends, it is
necessary to add new observations in the time-series as
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they become available and, on the basis of the new
observations, to recalibrate the model. This, in general,
should lead to marginally more accurate forecasts, since
the calibration period becomes longer and the structural
parameters in the equations should become more
stable.14

Second, the more recent observations help the analyst
identify recent structural trends in the local and/or na-
tional economy. These may suggest, in turn, the ad-
visability of respecification of some of the individual

Third, there is a need for an ongcing monitoring of
the accuracy of the model’s forecasts. While there is a
time lag in the availability of actual employment data
with which to compare the forecasts, monitoring the
forecasting accuracy on an industry-by-industry basis
can reveal weaknesses in the specification of individual
equations. For instance, the accuracy of a model tends
to vary over phases of business cycles. The accuracy
during local expansion periods may be significantly
lower than during periods of local contraction or
around so-called *“‘turning points.’’ Such findings would
point to changes in the model which might improve
future forecasts during similar cyclical phases. '

All of the above suggest that a staff econometri-
cian—either on a consulting basis or *‘in-house” —is
still needed after the model has been properly calibrated
and put into operation. It is difficult to pinpoint the re-
quired staff time; it would vary considerably depending
upon the complexity of the model, the frequency of
forecasts, and whether policy simulations or impact
analyses would be undertaken. Roughly speaking, the
level of effort might be anywhere from a one-quarter to
a full-time position. Of course, if other public agencies
could use the same model for their own needs (e.g., a
department of revenue, an economic development
agency, etc.) then the costs of maintaining and updating
the model could be shared.

Interpreting and Adjusting the Resunlis of
Econometric Models. As discussed earlier, industry
employment forecasts obtained from statistically based
models (be they single-equation regression models,
shift-share models, input-output models, or fully
specified econometric models) should be scrutinized by
local labor market analysts and others familiar with the
unique behavior of the particular labor market,
Forecasts should be assessed and, if necessary, adjusted
before they are adopted as *‘official’’ and fed into the
next step in the occupational employment projection
system.

When the economeisic approach is used, special treat-
ment should be taken in the assessment and adjustment
process, because of the relative nontransparency of
~ Mors precissly, this is true if he undariying structural relatiomhips smong the varisbles
mim:hﬂﬁ..llihym.mmﬁlmlmdhwﬂlhnﬂmnmuauhﬂm
rcalibration.
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econometric models. That is, it is difficult to see readily
how a set of output figures are derived on a logical,
step-by-step basis. To most untrained in econometric
modeling, the output figures seem to emerge from a
“black box."’

One way of helping to ‘‘demystify” the results of
econometric models is to perform a series of sensitivity
analyses after a model has been fully calibrated, and
routinely when new information about the behavior of
the local economy is incorporated into the model, In
responses in the level of output variables (i.e., industry
employment forecasts) to small (unit) changes in the
level of any variable or estimated value of a parameter
appearing in any of the model’s equations. Particularly
noteworthy is the sensitivity of the model to small
changes in the level of those independent variables
which have the greatest likelihood of having significant
measurement error. It is also interesting to know the
sensitivity of the model’s forecasts to various structural
parameters (i.e., regression coefficients) to take into ac-
count possible sampling or specification error. The
results of the sensitivity analyses would be the
equivalent of the specification sheet of an audio compo-
nent or the test results of a new aircraft design—they
each attempt to describe aspects of the behavior of the
particular “‘black box.”’ This information gives the
analyst and users a better clue as to how “far off’* the
forecasts might be under slightly altered target-year con-
ditions.

Interpreting and assessing employment forecasts of
econometric models requires special attention also
because a given model may be significantly less accurate
under certain macroeconomic conditions, e.g., during
contractions or arcund ‘‘turning points’’ of business
cycles. This is a for m of specification error, but it may
not be diagnosed unless the model has been tested under
a variety of such conditions (the same potential problem
is equally relevant to the industry employment projec-
tion models recommended by BLS). Relatively small
forecasting errors during stable periods can sometimes
lull one into an unjustified confidence in the perfor-
mance of a model. To repeat, it is recommended that an
econometric model should be tested thoroughly with
data describing a variety of local economic conditions
before the model is put into operation.

Because the issue of credibility and public/user accep-
tance becomes more critical in the case of econometric
models owing to their nontransparency, a thoughtfully
designed assessment/adjustment process should include
the participation of users in panel seminars to review
and discuss the forecasting results. Bringing in local
labor market ‘‘experts’’ representing different vantage
points (e.g., the business community, labor, academia,
and local and State government) to discuss the validity-
of the assumptions which underlay the forecasts, and to
compare the model’s forecasts with the more intuitive,
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experience-based ‘‘forecasts’’ can build trust. It may
also lead to the formation of an advisory group to the
maodel builder, who may not be as intimately familiar
with the unique characteristics of the local labor
market. This group can often suggest a more realistic set
of assumptions about local conditions which, when fed
into the model, could produce a more “‘realistic’’ set of
forecasts.

Documentation of the Model, The form and content
of the model’s documentation can be important factors
in the degree of user/public acceptance of the model’s
forecasts. The rechnical documentation typically
describes the overall structure of the model (i.e., how
the different components fit together) as well as the
dition, data sources for all variables will usually be
listed, the calibration process may be described, and the
comparisons of the model’s forecasts with actual
employment data during the calibration period are
likely to be made, using standard measurements of
forecasting accuracy. The technical documentation is
addressed primarily, however, to fellow econometri-
cians, not to policymakers or other *‘lay'’ users of the
output.

When an econometric model is to be used in the oc-
cupational forecasting system,
documentation is needed. It should describe in clear
language the structure and logic of the model, guidelines
for its use (e.g., the questions it can legitimately ad-
dress, the demands we can reasonably make on it), as
well as guidelines for interpreting its results. Ideally, this
type of documentation should be written by the model
builder in collaboration with a highly knowledgeable
practitioner labor market analyst who is sensitive to user
groups’ information needs. This collaborative effort
could help to insure that the questions mentioned above
are discussed at the appropriate level and with ap-
propriate language. Such a ‘““nontechnical’’ documen-
tation may help to increase the credibility of
econometric models by making them more accessible to
the various communities of users.

Coordination with Other Forecasting Groups. Dif-
ferent projection or forecasting techniques will, in
general, produce different ‘‘numbers” for the same
labor market area for the same target-year. Having
competing sets of forecasts for the same area and target-
year (e.g., one using the OES approach, the other an
econome:ric model) should not necessarily pose a pro-
blem. In fact, the situation may help to focus the assess-
ment and review process. If the differences, however,
are not managed within a coordinated setting among the
several groups or agencies which have produced the dif-
ferent sets of forecasts, the credibility of all forecasting
efforts may be diminished. At the same time users can

be left in a state of confusion with no informed basis for
evaluating which sets of forecasts are *‘better.”’

While there is no general “‘formula’ for implemen-
ting a coordination process among different
‘“‘competing’’ groups, it is possible to point out several
of the most important points in the process where con-
tact and coordination can be most beneficial:

a. Al the stage of making initial 1ssumptions about
what contextual economic conditions are likely
to remain stable and which are likely to change.
Frequently the model-builder has greater access
to the national forecasts made regularly by
several economic forecasting groups and U.S.
Government agencies, and to assessments of the

hand, State or local labor market analysts fre-
quently have had more experience in viewing
how the local labor market has reacted idiosyn-
cratically to exogenous national and interna-
tional economic changes as well as to changes in
government policy initiatives. If this knowledge
is shared with the staff or consultants responsible
for operating and interpreting the results of the
model, the model may be based on a stronger set
of initial assumptions.

b. At the stage of evaluating and interpreting the
model’s forecasts. Bringing in the appropriate
SESA labor market analysts (in addition to other
experts) can help significantly in attempting to
answer the question, “Do these numbers make
sense based on what we know from local ex-
perience?”’ Discussion here may diminish the dif-
ferences in the several sets of forecasts or
possibly exacerbate them, but at least the bases

¢. At the stage of publication and dissemination of
the model’s forecasts. References to other
agency’s or groups’s forecasts and a somewhat
brief explanation for the differences (if they are

" significant) could reduce the confusion for users
and help them be in a slightly better situation
are likely to be *‘better.”’ Accordingly, measures
of the ““track record’’ of the respective forecast-
groups should also be available to users to aid in
the evaluation process.

Utilization of Econometric Models in Local
Projection Systems

At least 25 fully specified econometric models have
been developed for States and perhaps a somewhat
smaller number of substate areas. A large majority of
these models are highly aggregated (macro), and thus
are not suitable for use in the occupational employment
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projection system.!® Many of the State models are
public university-based, and are used routinely by State
governments for forecasting tax revenues as part of the
budgetary planning process. Of the substate models,
several have been developed and maintained by large
banks and other institutions; these are used both for in-
ternal investment planning and as a corporate and in-
vestor service, A majority of the substate models have
been developed by large economic forecasting groups
which have well-known models of the U.S. economy
(e.g., Chase Econometrics, Wharton, EFA, Data

however, are ‘‘share models” of State or national
models, so they are not truly local models. To date, only
perhaps 8 to 10 models have been developed specifically
for use in local occupational employment projecting
systems.

A growing number of State employment and training
councils use industry employment forecasts from
models developed for more general purposes and this in-
formation is provided as a service to CETA prime spon-
sors in the State. We discovered only one SESA (New
Jersey) that was itself operating a fully specified
econometric model for area indusiry employment
forecasts in lieu of, or in addition to, the single-equation

industry employment forecasts from econometric
models operated by other State agencies, universities, or
private firms as a basis for checking and adjusting their
own industry employment forecasts. To our knowledge,
no CETA prime sponsor has been using an econometric
model on its own, but again a number of them receive
output from models operated by others. These forecasts
serve as an additional labor market information source.

Of the econometric models developed specifically for
use in local occupational employment projection
systems, we are aware of none, as of this date, which are
being used in that capacity., Six of these models were
developed at the University of Arizona’s Division of
Economic and Business Research as part of a single
research project (Taylor, Denzau, and Oaxaca, 1979.)
The models were built for the Tucson, Phoenix, San
Francisco, and Springfield-Holyoke-Chicopee (Mass.)
SMSA's, the Southeast Utah Economic Development
District (EDD), and the Mid-Cumberland, Tenn. EDD
(which encompasses Nashville).

The project sought to demonstrate the feasibility of
developing endogenous-type models for highly different
types of labor market areas out of a single prototype
design. This approach attempts to capture the advan-
tages and avoid some of the disadvantages of both the
satellite strategy and the endogenous strategy. The
models’ structure emphasizes the endogenous factors
which directly and indirectly help to determine area in-

T dustry employment, but by constructing each model as a

design variant of a prototype with a general specifica-
tion, the costs of building a model of a particular labor
market area might be significantly lower than *‘starting
from scratch’’ each iime. The prototype, or general
specification, is sufficiently flexible to allow for dif-
ferent levels of sectoral (industry) detail, and for dif-
ferent sets of independent or explanatory variables in
almost every equation, for different labor market areas.

While it is true that there are some substantial savings
in generating endogenous-type models from a prototype
(one of the principal attractions of the satellite ap-
proach), a large effort is still required to: specify the
struct data for local economic variables; and then
calibrate and test the specified model. These tasks are
required in all econometric model efforts, but the costs
of data collection/construction in endogenous type
models becomes an even larger proportion of the total
ings) using the prototype strategy.

A notable feature of the University of Arizona’s
models, which stems from their development for use
specifically in local occupational forecasting, is a highly
detailed labor supply submodel which emphasizes dif-
ferences in labor force participation rates (by age and
sex, though not by skill) and net area migration of the
labor force. This emphasis on labor supply is usually
missing in regional econometric models not built for use
in the occupational employment projection process.!®
In these cases the employment forecasts are valid only if
it turns out that there are no labor supply constraints.

The only other effort (of which we are aware) to

develop econometric models of labor market areas
specifically for use in occupational forecasting is the
Labor Market Information (LMI) project at the Univer-
sity of Michigan-Wayne State University’s Institute for
Labor and Industrial Relations,!” Models for Detroit
and Denver were built to provide industry employment
forecasts for a larger local labor market information
system. The two models were built from the same pro-
totype, but in this case the prototype was not of the en-
dogenous type, nor did it allow for full-specification of
a local economy. Instead the model is essentially a set of
single-equation regression models (not unlike those cur-
rently used in the OES approach) with minimal in-
terlinkages among the industry sectors in the local
economy and heavy reliance on levels of national in-
dustry employment. The relatively strong emphasis
placed on the manufacturing sector was fairly well-
suited to a labor market like Detroit’s, but not to
Denver’s.
“a the University of Tennessee, however,  labor supply submodel was construected and
linked fo a mode! of the State originally built with the principal purpose of estimating State
s revenues. Mell Alper, A Methodology for Integrating a Labor Supply Model inip o
Regional Economwiric Forecasting Model, Working Paper No. 61 (Knoxville: College of
Busines Administration, The University of Tennesies) 1974,

"Muicoln S. Coben, On the Feasibility of a Labor Market Information System, Vol. 2
{Washington: Manpower Administration, U.S. Department of Labor) June 1974,




There appear to be several reasons why the models
developed specifically for the local occupational projec-
tion system have not been used by those public = zencies
responsible for providing occupational projections for
States and areas (although one must be cautious in
generalizing with so few examples). In the case of the
LMI model developed for Denver, there is some
evidence that communication broke down and distrust
eventually developed between the model builders and
users/cooperating public agencies with responsibility
for providing local labor market information. It also
appeared that the model, as designed, would not pro-
vide any additional information or analytic capabilities
not already available. Underlying this assessment was
the opinion of evaluators that the prototype originally
designed for Detroit was not particularly appropriate
for a local economy such as Denver’s.

In the case of the University of Arizona models, there
have been no serious questions raised about either the
theoretical validity or forecast accuracy of the models.
They, in fact, represent the state-of-the-art of
endogenous-type regional econometric models, and are
the most detailed (by industry) models yet developed for
substate areas. The principal issues are: (1) the lack of
model documentation which would help make the
models more accessible to public policy officials; and 2)
the relatively high cost to an agency of setting up the
model in-house, maintaining and updating the data
base, and periodically recalibrating the model.

The lack of nontechnical documentation prevents
users from being able to access clearly whether the in-
formation from the model would meset their respective
needs. Also, the absence of a manual listing or describ-
ing in logical steps the kinds of local labor market
analyses, data construction, admstments, and validity
checks which are required in the normal operation,
makes these models seem intimidating. The perception
an administrator would reasonably get is that a highly
trained econometrician would be required on a nearly
full-time basis to maintain the forecasting effort and
that no other staff, let alone users, would understand
what is involved. Because of the models’ endogenous
design, the data collection costs are more severe than the
“average" regional econometric model. Many of the
local economic variables have to be constructed because
they are not normally collected and published regularly
in consistent time-series by . government agencies.

‘A review of the literature and: public documents and

‘councils and CETA primé sponsors point to the conclu-

. - sion that, when econometric models have been used in
. the local mpauanal projection. ;ystem, they most fre-
Ll qn;nﬂy have been developed | for other purposes, and ac-

eordmgy are operated by nnnemployment and training-
“related agencies . Furthermore, the industry employment -

: fmm from these models generally are not *‘fed”’

.th: ug,h an 1-0 matrix to. pmduee a cﬁnslstent set of oc- -

‘survey of state Empldyment and training .

cupational employment projections. Rather, the infor-
mation from the models is used as a check on forecasts
obtained by other techniques and/or as an information
base for helping analysts or planners to assess their own
assumptions about the likely future developments in the
local economy.

Input-Output Models

Input-output models represent a third alternative ap-
proach for forecasting State and area industry employ-
ment. When incorporated into the occupational
employment projection system, input-output models
meet the requirements of Element | only. Similar to an
econometric model, an input-output model is a
representation, or “’picture’” of the structure of a
region’s economy. But the particular kind of picture
described by an input-output model is different from
that provided by an econometric model. An input-
output model describes the interindustry flow of goods
and services withi;n the regmn's ecangmy and the ﬂaw

the warld (exports and lmparts)

The Basic Structure of an Input-Output Model

An input-output model is constructed using informa-
tion on total purchases and sales of each industry group
in the study area for 1 year. The information is organ-
ized in an input-output table, with each row of the table
representing the distribution of the product (output) of
a particular industry to other local industries and to
final users (final demand). Each column, on the other
hand, represents the distribution of purchases (inputs)
for a given industry. The purchases are from other in-
dustries (raw materials and intermediate goods) as well
as from households (labor). Figure 3 shows the
organization of the input-output table into a set of rows
and columns, The input-output table is frequently re-
fmed to as the interindustry transaction table.

A given cell of the table (Egg.,i 3rd row, 2nd column in
Figure 3) represents the value, in dollars, of goods and
services that local industry group 3 sold to.local industry
group 2 during an annual period.

In constructing an actual, .operational input-output

.model, the table described:in Figure 3'is mathematically

transformed into. what is called a tashmcal -coefficient
matrix, where the new cell values- represent the ratio of

: purchasa by one: industry ‘(e.g:, industry 3) from
‘another (e.g.; industry 2), to the total value of local pro-

duction of thg farmer mdust:y (mdustry s:ategnry 3)




Purchasing Industry

1 2 3

Households X,
(Labor) ‘bl
Other Value
Added
Total
Production

Figure3. An Input-Output Table

The ratio is called the technical coefficient, and
represents in the example the relative importance to in-
dustry 2 of the input from industry 3. For our purposes,
however, there is no conceptual difference between the
representation of the structure of the local economy by
cither the interindustry transaction table (Figure 3) or
the technical coefficient matrix.

In.an input-output model, the local economy as a

and services of all local industries (Figure 3). This set of
target-year estimates of the final demand for goods and
services for each local industry must be expressly deter-
mined before the model can be put into operation. With
these estimates, the model can forecast the total amount
of goods and services each local industry group would

Technical
Coefficients
Matrix
(Base-Year)

Exogenous Estimaies ‘
Of Target-year Finsl
Demand (By Industry)

i

have to produce to satisfy the input requirements of
other technologically linked industries in the local
economy, as well as to satisfy direct household con-
sumption, exports, etc. Once the total output re-
quirements of each local industry are forecasted, then
the labor requirement for each local industry can be
estimated using a table of labor/output ratios. These
ratios are estimated using national industry time-series
data with the potential for introducing a local “correc-
tion’ factor. The process just described is shown
graphically in Figure 4. The most salient implications of
the use of input-output models and their advantages and
disadvantages vis g vis other industry employment
forecasting or projection techniques are discussed
below.

Final Industry
Output
Requirements
(Target-year)

'Employment
Forecasts
- (Target-year)

Labor to Output Ratios
- (Base-Year)




Data Input Requirements

Exogenous estimates of target-year final demand for
each sector of the regional economy are made by
estimating the regional share of each of the six com-
ponents!® of the target-year projections of gross na-
tional product (GNP). The U.S. Bureau of Labor
Statistics and the Bureau of Economic Analysis in the
U.S. Commerce Department have responsibility for
pravidiﬂg projec:ians of GNP by t:ct:rﬂpf::msnti for each

and/ar lucal economic analysts, In nrder to esnmate the
regional share of each component of the projected
GNP, time-series for such variables as population, in-
come, dollars of plant investment, export, and classes of
government expenditures for the study region must be
constructed and compared with tima-zeries for these
variables at the national level. Out of this comparison, a
trend in the regional share of the national totals can be
estimated, and this can, in turn, be used to assign
regional shares of the exogenously estimated com-
ponents of GNP. Regional totals of final demand by in-
dustry sector can then be estimated by adding up the
components of the regional share of GNP, which have
been calculated above by industry sector (including
household sector).

The major problem in the outlined procedure is that
many of the variables at the regional level are not
available in a consistent time-series. When the region is
a iabor market area or some other substate area, the
data availability problem is even more severe. ‘In any
case, it is often necessary to make a series of. a.ssurnp-
tions or extrapolate to use surrogate variables. Even
when this can be reasonably and reliably done, con-
sistency between regional and national contro] totals is
difficult to maintain. It would not be overstating the
case to say that estimating a set of regional final demznd
figures to ‘‘drive” the input-output model is an ex-
tremely painstaking and costly task for most State
and/ﬂr lacai agem:ies ta undgrmke by themselves Alter-
be ﬁbtamed thn:ugh an economic fnrecasnng gmup
with a linked national-regional econometric model (but
then it might make more sense to use the econometric
models to estimate regional industry employment di-
recily). A third alternative which is not presently
available but might be in the future, is the routine pro-
jected estimation of final demand by industry for
substate areas. Karen Polenske at M.1.T.’s Department
of Urban Studies and Planning has been involved in
estimating State shares of GNP up through 1963.19 This

"Thﬁmmﬂﬂﬂ?mmlmpﬂnn expenditures, grots private eapital
formation, et inventory change, net exporis, State and local government net purchases of
goods and services, and Federal Government purchases,

YSee Karen Poletke. ef of. State Ectimates of the Gross National Product, 1947, 1958,
Iﬂmmmt;)lrlmmmfmmmlmkhme
Bitdiography usder Input-Dutput Approsches.
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process could be extended to the larger SMSA’s, and
either a university-based group, the Bureau of Labor
Statistics, or the Bureau of Economic Analysis could
undertake the responsibility.

The second major data input problem is the estima-
tion of regional technical coefficients. Most regional
economists believe this problem is more severe than that
of estimating final demand. In estimating a region’s
technical coefficients, one needs to know the inputs
which are supplied from within the region for each
regional industry.2? Secondary data on industry pur-
chases and sales needed to calculate technicai coeffi-
cients are not collected or published at any subnational
level (including the State level). At the same time, collec-
ting primary data on the origins of purchases and
destinations of sales (as well as on payments for wages
and salaries and other value added) is extremely costly
since it requires a large sample, highly detailed firm in-
formation, and a high proportion of personal (firm) in-
terviews. The costs of collecting, editing, and checking
the information received present an additional burden.

To avoid the high costs of collecting primary data, the
technical coefficients in the national input-output table
are often used for most regional industries, adjusted by
the size of each industry in the study area (measured by
industry output). However, this strategy is not con-
sxdered vahd fc:r emmatmg the techrueal :Qefflclents in

be;ause ﬂ'lElf technﬁlag;es are highly sensmvg to gertam
regional locational differences. Direct survey methods
are needed where these industries represent a significant
sha:e of the reg!on § economy. Yet even for those
service industries whose
tﬁ;‘hnalogl:s are cons;dered to be relatively insensitive to
the area characteristics, there is considerable error in-
troduced when adjusted national coéfficients are used.
This is principally because of the considerable range of
produc:: mu& mthm any mdustry grnup at the level af in-

frequently updated due to the lﬂgh cQsts, We do not
know very well the rates at which the coefficients change
over time, for instance. The reestimation of national
input-output tables has taken place only approximately
every 7 years, and there is normally a very long lag be-
tween data collection and publication (e.g., in 1980, the
latest available tables contain 1972 technology data).
Thus 1985 target-year industry employment forecasts
would be based upon a technological structure which is
at least 13 years out-of-date. The long lag places strong
limitations on the maximal appropriate length of an
input-output model’s forecast period.

Broa regional input-output mudel, the rest of the U5, it considered asa single export and
mpott region. In muld-regional inpui-cutput modely, one néeds to know the towl input re-
quirements for & reglon's Industries regardiess of the origin of the input,
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Degree of Industry Detail

Although theoretically there is no limit to the number
of industry sectors in an input-output model, data
availability, statistical reliability, and, to a lesser degree,
computer storage limitations, place practical limitations
on the degree of industrial disaggregation. When na-
tional input-output tables are used to estimate regional
coefficients, the degree of detail in the national model
places a constraint on the maximum level of detail in the
regional model. The most commonly used and probably
the most reliable national model, the U.S. Department
of Commerce’s 1972 Input-Output Model, has a 495-
industry technical coefficient table. No regional model
approaches this dimensionality. The State input-output
tables developed at M.I.T. have 79 industry sectors, and
represent about the maximal practical size for most
State and substate models.

The dimensionality of the industry/occupation staff-
ing pattern matrix in Element 2 of the local occupa-
tional forecasting system represents the maximum
usable level of detail in input-output models. Since the
OES survey-based matrix is large enough to ac-
commodate industry groups at the 3-digit SIC level (cur-
rently 368 industry groups), there is no effective con-
straint in this case. Stated differently, most available
subnational input-output models will not be able to take
advantage of the level of industry detail available in
local occupational employment projection systems.

The more important issue is selecting the most ap-
propriate industry group definitions, Different aggrega-
tions of, say, 3- or 4-digit SIC industries, can increase or
decrease the amount of error in the estimation of
technical coefficients due to heterogeneity of products
included in the individual industry groups. Heterogene-
ity will almost always be a general problem in construc-
ting technical coefficient tables regardless of the

industry groups of the M.L.T. models will help to
minimize the error caused by product heterogeneity.
The amount of flexibility in defining the region’s in-
dustry groups, though, depends upon the level of detail
of industry data that is available or can be reliably
generated. That, in turn, depends upon the size of the
regional economy. For a smaller economy, less detailed
industry data will be available. Furthermore, there is a
tradeoff between increased level of industry detail and
lower statistical confidence of indirectly estimated
technical coefficients. The smaller the region (in terms
of average number of firms per industry group), the less
industry detail permitted at a given, acceptable con-
fidence level.

Length of Forecasting Period

Input-output models are used for both short-term im-
pact analyses and for leng-term forecasting. The prin-
cipal limitation of using input-output models for long-
term forecasting has already been mentioned: The
technical coefficients are based upon data already, in
general, considerably out-of-date; and no practical,
reasonable-cost means exists for reliably forecasting
changes in the technical coefficients for State and
substate areas. Not much is known about the amount of
error inherent in using out-of-date technical coefficients
have been changing at different rates,

A shorter lag between collection of the data and
publication of the table at the national level could

the tasks involved in constructing accurate input-output
models from primary data limits the degree toc which

mary, because the accuracy of input-output models
depends so heavily upon the technical coefficients, and
because there is a reasonable basis to conclude that
changes in technology and a region’s industry mix can
target-year, the results of the model are questionable for
forecast periods longer than, say, 5 years.

Public Management Considerations

Like econometric models, input-output models re-
quire considerably larger staffing and coordination ef-
forts on the part of State and local public agencies than
do less sophisticated techniques. The public agency has
the choice of constructing, operating, and maintaining
an input-output :nodel ¢xtirely “‘in-house’ or contrac-
ting out each or all of the services to private or
univercity-based  economic forecasting groups. If
auother agency already has a model operating, then
there are economies to be gained in sharing it. The ef-
forts of groups such as the one at M.1.T. will make State
input-output table;s more accessible to potential users,
but the local staffing effort will still be considerable.
Input-output models of any detail must be computer-
based, and the computer storage requirements of highly
detailed models are considerable (frequently more than
for econometric models). Thus, accessibility to a com-
sideration. Roughly speaking, the level of expertise for
constructing and maintaining an input-output model is
comparable to that for econometric models, but the
level of effort is significantly greater. :



Coordinated and cooperative effort of public agen-
cies and private groups is important for acceptance of
the model's results. The reader should refer back to
similar discussion of econometric models above, Broad-
based cooperation may be even more important in ob-
taining reliable data in a timely fashion for input-output
models, since a much larger percentage of the data is at
a micro-level (i.e., individual firms) than is the case for
econometric models.

Sensitivity to Exogenous Factors

The f;riﬁcipal advantage af Et:onometnc madels and
models or ShlfI share mode 51is that the dEIﬂ![éd 1mpact
of changes in a variety of exogenous factors upon local
area industfy emplnyfﬂgnt can be more readlly traced

events such as oil boycgtts or large plant closmgs, or
public policy changes, such as trade restrictions, tariff
adjustments, fiscal and tax policies, industry subsidiza-
tion, etc. The greater the variety of exogenous factors to
whig:h the mgdel is sensitivz the greater its potential for

area mdustry smplﬂyment fnrec;asts

Input-output models can test alternative future
scenarios on area industry employment by appropriately
ad_lustmg elEmean of the fmal demand vector (e.g., a

cally) The "new" set uf fmal demands (by mdustry) is
fed through the input-output table and a new set of in-
dustry output figures, reflecting the estimated change in
final demand, emerges. The industry employment/out-
out ratios are then used to arrive at the induced changes
in the set of industry employment demands. Com-
parison of this latter set of industry employment
fora;asts with those arfived at under the ag.sumptiﬁn of
in the exogeﬂﬁus factar upm‘l area mdustry employ=
l’ﬂGﬂ[

be translated dlrectly into changﬂ; in fmal dgmand
input-output models have distinct advantages over
single-equation regression models and even econometric
models for simulating and tracing the transmission of
interindustry effects. The advantage stems directly from
the structure of the input-output model. When the
change in an exogenous factor cannot be translated
directly into a change in final demand (e.g., commodity
price changes), then an econometric model may offer
advantages in tracing the impacts because of its greater
structural flexibility.

Relative Accuracy of Industry
Employment Forecasts

To test the accuracy of a particular application, the
model’s target year estimates of industry employment
are compared with the actual levels (when the figures are
available) and measures of forecasting accuracy can be
computed. It is not possible to test the relative accuracy
of an input-output model vis a vis other forecasting
techniques unless the techniques being compared are
“run’’ for the same area and during the same time
period.

Comparison tests of an input-output model-with a set
of single regression equations have been described by
Rowan (1976). The 1980 Massachusetis State employ-
ment projections of the Multi-Regional Input-Output
Model (MRIO) were compared to those of a set of
single-equation regression models used by the
Massachusetts Division of Employment Security. The
latter were ‘‘standard’’ BLS-recommended industry
employment projection models. The base year for the
MRIO projections was 1970 (using 1963 technical coef-
ficients) while the base year for the Massachusetts DES
projection was 1973, The different base years give the
MRIO a slight disadvantage but, overall, the com-
parison should still be valid.

The forecast results of the two models were quite dif-
ferent. The MRIO projections were generally higher,
due largely to an assumption of a full-employment
economy. Using actual figures for an intermediate year
as a basis for measuring the models’ accuracy, the
MRIO model projzcted the correct direction of employ-
ment change for 45 of 68 industries, while the regression
models projected the correct direction for 48 of the 68
industries. The MRIO model tended to systematically
over-predict employment in the nondurable manufac-
turing sectors—those very industries which have been
leavmg Massachus:tts far reasons of relatively high
, labor and energy). On the
ﬂthgr hand the mdustnés f@r which the MRIO model
was more accurate were in the durable goods manufac-
turing sector—industries in which employment, on the
average, grew in the State during the forecast period.

The preliminary conclusion from this is that input-
output models are inferior to single-equation regression
models in predicting employment changes due to long-
term, but steady, trends such as changes in an area’s
relative cost advantages. On the other hand, input-
output models more accurately predict employment
change induced by interindustry effects and shorter-
term (cyclical) trends. Based upon only the
Massachusetts tests during the 1970-1980 pengd neither

demnnstrated unamblguuusly supenor fc:recastmg
results over the other.



Explicit and implicit Assumptions Underlying
Input-Output Models

Generally speaking, the more ‘‘structured’” a
forecasting model, the stronger the limiting assumptions
about the real world which have been incorporated into
it. The problem with having stronger assumptions is
that the model’s results have less validity—the assump-
tions about the real world do not **hold up.'" Compared
with econometric models (and certainly compared with
single-equation regression models), input-output
models are highly structured. The limiting assumptions
of most input-output models include: constant returns
to scale; marginal inputs equal to average inputs; fixed
technical coefficients through the forecast period; a
homogenous set of inputs for each industry group in the
matrix; no financial market impacis on production; no
input substitution; and no capacity constraints. In addi-
tion, most applications of input-output models make
the simplifying assumption of full employment condi-
tions during the forecast period. To the extent that the
national economy wili not reach full employment in the
target-year and/or the local area will lag behind the Na-
tion, then there will be a systematic upward bias in in-
dustry employment forecasts, and in occupation
employment projection when the results of the input-

There is one distinct advantage, however, to the high
degree of structure in input-output models, compared
with econometric models. In the latter there is both
sampling srror in the estimation of the structural

tion error in the choice of the independent variables in
each equation. In input-output models, there is sampl-
ing error (i.e., the estimation of the technical coeffi-
cients) but no opportunity for specification error, since
all of the structural relationships (interindustry
linkages) are empirically—rather than theoretical-

ly—based.

Summary

¢ Input-output models are capable of producing

employment forecasts.

* The data requirements for constructing a suffi-
ciently detailed input-output table (technical coefficient
matrix) are severe. Coefficients that have been
estimated for the national economy are often used in-
stead, after certain adjustments for local industry mix.
The high cost and lengthy process of updating the table
means that the coefficients generally will be well out-of-
date.

¥

* An econometric model for the U.S. must be used in
the process of exogenously estimating the area’s share
of GNP for the target year. This is a prerequisite for
deriving a set of final demand estimates by industry sec-
tor. The availability of critical data for subnational area
units frequently makes these tasks difficult and costly.

* Input-output models are more appropriate for
short-term forecasting or impact analysis. They offer
advantages for crnducting policy-simulations (‘‘what
if .. ."" questic  when the effects of the policies being
tested can be translated directly into changes in the set
of final demand estimates.

* Compared with econometric models, input-output
models require more restrictive and, in some instances,
less realistic assumptions about the real world. These
can undermine the validity of the models’ forecasts. On
the other hand, there is no model specification error
since the structural relationships among the sectors of
the area’s economy are empirically based.

* Limited comparative tests of the accuracy of an in-
terregional input-output model and a set of single-
equation regression models have not provided evidence
to show that input-output models produce more ac-
curate employment forecasts. Single-equation regres-
sion models were more accurate for those industries
following a long-term secular trend: there is a tendency
for input-output models to overestimate employment
due to the frequent assumptions of a full-employment
economy and nc input substitution of capital for labor,

The Employer Survey
Approach

Introduction

Prior to the development of the National/State
Industry-Occupation Matrix System (U.S. Bureau of
Labor Statistics, Tomorrow’s Manpower Needs, 1969),
area occupational employraeni projections were ob-
tained primarily from employer surveys. Because there
were no systematic and consistent means of converting
industry employment forecasts into oc.upational
employment projections, estimates of targei-vear oc-
cupational employment were generated directly from
local employers’ responses to questions of target-year
occupational employment levels for their establishment.

In terms of the occupational employment projection
system presented earlier, Elements 1 and 2 are
eliminated in this approach. Estimates of job replace-
ment needs during the projection period can be included

~
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employer survey approach can be used to estimate total
 job openings by occupation for the target year.2!- ™
- The employer survey is a general approach with many
possible variants. Two of the most important examples
are the Area Skill Survey Technique and the Occupa-
tional Training Information System (OTIS).
' “The' guidelines for the Area Skill Survey were
developed by the U.S. Labor Department’s Bureau of
-Employment Security, but considerable latitude and in-
itiative was left to the individual SESA’s in making ad-
“justments and revisions to suit State and local condi-
tions. The OTIS program was first developed in
Oklahoma in the late 1960’s to meet the information
needs of the State vocational education program and in-
volved the State Departments of Industrial Develop-
ment, Vocational and Technical Education, the
Employment Security Commission, and the Manpower
Research and Training Center at Oklahoma State
. University. It was subsequently developed, with some
important differences, in Kentucky. Funding for the
Area Skill Survey program was formally rescinded by
DOL in 1975 and the manpower demand subsystem of
the OTIS program has been replaced by the OES pro-
gram in both States.22 The shift away from the
_employer survey approach .was due primarily to the
development of the industry-occupation matrix and to
the poor evaluations” which the employer survey ap-
proach had received. The approach is still used for iden-
tifying current and projecting very short-term job open-
ings in specific target industries.

The discussion below refers primarily to the Area
Skill Survey Technique2? and the OTIS program, but
is intended as a description and evaluation of the
employer survey approach in general.

Attributes of the Sample and Questionnaire

The survey is one of area employers. The source

listing can be those establishments which submit reports "

to the State Employment Service in compliance with the

Unemploynient Insurance Code, or it'can be much less

formal or reliable, such as a local Chambesr of Com-

ilmmhﬁiﬁﬂﬂlﬂmﬂyudhmmhmﬂ“m
m&m%fmdh&“ﬂhﬁm“mm&
directed at surveys which sk sn smployer 10 forscast occupational demand, Other use
sion, sea Jobu in the Privasé Sector: Use of Labor Market Information (Washingion: Employ-

tion, U.9. Departasent of Labor) 1980, ~

bmmﬁﬁ!ﬁmuh—rﬁm@us_mﬁnﬂamw&s

merce or a Dun and Bradstreet listing. The choice of the
source listing of the universe of employers will deter-

mine the degree of sample bias or representativeness.25 -

This in turn will strongly determine the validity of the
approach as a means of making an independent set of
forecasts of local occupational employment or of in-
dependently checking the accuracy of an earlier set of
forecasts.

The survey instrument can be either a mail question-
naire or a questionnaire filled out in a personal inter-
view. The Area Skill Survey Technique used both a mail
questionnaire (with an opportunity for the respondent
to call the SESA if there were any questions) and per-
sonal interviews. The choice of instrument varied by
area. For the OTIS program, one State (Oklahoma)
used a mail questionnaire with a telephone and/or per-
sonal interview followup option, while the other State
(Kentucky) used personal interviews almost exclusively.
It has been a tenet of survey research that the reliability
of the responses and the return rate itself are higher with
personal interviews. Neither of these expectations was
borne out in the OTIS experience, while the differential
in costs proved to be enormous ($28 per employer in
Kentucky as compared with $6 per employer in
Oklahoma, for approximately the same information).

In both survey instruments the employer was asked to
provide two basic information items: (1) the number of
employees on’ the payroll as of a specific reference
period (base years); and (2) their best estimate of the
number 1o be employed in the establishment in each oc-
cupation in the target-year. A third item, the estimate of
replacement needs during the period was provided for,
but this information was found to be unreliable in many
cases.26 Extra items might include age and sex of the
employee, or particular minimal training/education re-
quirements for each occupational category.

Principal i’_mblgms with the Employer
Survey Approach

“There are or have been at least eight problems with
employer surveys as a basis for estimating target-year
occupational employment: (1) the unreliability of
employers’ classification of jobs into occupational
titles; (2) nonprovision for employment expansion due
to new firms; (3) lack of consistency and uniform pro-
cedures from area to area; (4) a tendency for employers

to make future estimates based upon their current

“psychology;”’ (5) inability of some employers to pro-

~ vide target-year employment estimates; (6) a record of

low accuracy; (7) low cost-efficiency; and (8) some

B0 course, the sample could be deliberatsly stratified, by, say, size of establishment, and
ﬂmnaﬂnjmmmmﬂﬁﬂmhmﬂnm:mmmh

’ ;mmmmuﬂmthﬂmmﬁmm:ﬁﬂuﬂu

e Dublinaky and Mayall, op i,
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duplication of effort with the OES. These problems are
explored in more detail below.

1. Maintaining the reliability of employers’

 classification of jobs into occupational titles poses pro-
blems. Different employers, in general, have their own
set of occupation titles with job descriptions. Many do
not classify their jobs at all. Ensuring consistency across
all employers’ responses while still maintaining a suffi-
cient level of discrimination between occupations is by
no means an unsolvable problem, but it is a time-
consuming, and thus costly, one, It is unrealistic to ex-
pect all employers to take the effort to translate their oc-
cupational titles into one of the Federal Government
_codes (e.g., SOC, DOT, the Census), especially where
the number of occupations is large. The principal alter-
native is for, say, State ES analysts to be responsible for
the translation, firm-by-firm, within broad industry
groups having similar staffing patterns. Because this
cannot be done other than on a firm-by-firm basis, it
becomes a. very costly alternative. In the OES program
the same issue arises in the OES survey for updating the
Industry-Occupation matrix. But in the OES program,
resources for designing and administering a survey in-
strument with controls on employers’ responses (to en-
sure a high level of consistency) and for careful checking
of individual responses by analysts familiar with
industry-wide staffing patterns for the particular labor
market area (see the section on the OES Approach
above).

2. Growth in the level of employment due to the loca-
tiD!i of new estabhshments in the area during th:
in =mploy:: sur\reys While the felatxve lmpunance ﬂf
this component of employment change (vis a vis change
due to ‘expansion or contraction of existing
establishments) varies by labor market area and in-
dustry sector, it is too important to ignore or even to
estimatg nonsystematically. Existing employers cannot
be expected to have or to give candid responses to ques-
tions about likely occupational employment growth due
to the location of new establishments, so these items
usually are not included in employer surveys. Instead,
when employer surveys are the principal information
base for occupational forecasting, analysts need to
estimate this missing component of employment change
by assumption (a fixed proportion of estimated change
in occupational employment due to expansion, a
straight-line extrapolation, etc.).

3, The Area Skill Survey program was plagued by a
lack of consistency and of uniform procedures from
area to arca, even though there were general guidelines
issued by DOL. Employer surveys designed and im-
plemented without any guidelines specifying the
universe to be centered, the sampling design, ap-
propriate consistency checks, etc., would not allow
meaningful area comparisons and may lose validity and

acccptam:e begause of any nnnstaﬂdard pmcgdur:s

for reasuns peeu,har m mdmdual areas or States and sre
designed to meet rather specific information needs.
Thus, they tend to lack consistency and uniformity
across areas. )

4. Another source of error in the use of employer
surveys for projecting occupational employment is the
tendency for employers to base estimates of their future
occupational demand upon their current “‘psychoiogy.’’
This refers to the effect of current conditions in the na-
tional and regional economy upon perceptions of future
growth or declin: Not all emplayers look nbjectlvq:ly at

have access tcs econormc farecasts prepared by pnvat:
economists or government agencies while others will
not.

5. A related problem is the inability or unwillingness
of some employers to provide any estimates of target-
year occupational employment. First, in the case of
local offices of branch plants, local managers may not
know corporate plans for expansion or contraction of
local operations. Second, many firms, for any number

‘of reasons, may be unw;llmg to divulge their future

plans. These kinds of nonresponses will generally lead
to biased estimates, or other errors will be introduced by
labor market analysts having to make assumptions
about the employment trends of nonrespondents.

6. The five problems above in large part explain the
relatively low accuracy record of employer survey ap-
proaches in projecting area occupational employment.
The Macro Systems evaluation of OTIS found that be-
tween 60 percent and 75 percent of individual employers
did not increase the accuracy (of their forecasts) which
would have been obtained with a simple no-change ex-
trapolation; the average forecast error was 36 percent in
Oklahoma and over 30 percent in Kentucky. More im-
portantly, over 50 percent of the surveyed employers in
cach State had a forecast error equal to or greater than
the actual change in the establishment’s employment,
and in Kentucky the average error was nearly 90 percent
greater than the actual change.

When the individual employers’ forecasts were -ag-
gregated for individual substate pla: -.ung regions (by oc-
cupational categories), the average errors for all regions
were only 6.0 percent in Oklahoma and 4.7 percent in
Kentucky. However, when compared with the actual
regional change in occupational employment—a far
more important statistic for planning purposes—the er-
ror was over 50 pcrcent in C)klahama and over IOD per-
mdmated that the sgg of f@re:ast =rr9r was largely in-

dependent of industry and size of firm. Moreover, the
finding that Kentucky OTIS forecasts were not more ac-



curate than those gf Dklahnma at the individual firm
level' indicates that personal interviews  may not
necessarily lead to more accurate responses than mail
questiannaims

sffment for gens:aung mformat:on on future laba:
market conditions as is sometimes believed. The degree
of cost-efficiency is a function of the ability to routinize
all relevant steps of the information collection, check-
ing, coding, and processing steps. Small sample surveys
tend to be less cost-efficient because the costs of setting
up an efficient procedure are fixed, i.e., do not depend
upon sample size. There is also a substantial difference
in costs between the two principal survey instruments,

the personal interview and mail questionnaire with
telephone followup. In Oklahoma, the cost of field data
collection was approximately $6 per employer; in Ken-
tucky the collection cost for roughly the same informa-
tion was $28 per employer. On this basis, Macro
Systems estimated that the total field cost for a complete
(100 percent) census of Kentucky’s wage and salary
employees would be about 1.2 million dollars (for early
1970’s). The conclusion is that if employer surveys are
to be conducted, the primary survey instrument should
be the mail questionnaire, reserving personal interviews
for perhaps only the largest employers. _

8. Given the information now available through the
OES program, developing employer surveys for project-
ing area occupational employment is, in most cases,
largely redundant. The OES survey is now in operation
in nearly all the States. BLS has devoted resources to its
statistical re!xabxhty, extending its coverage, and ensur-
ing its consistency of administration and processing
among all participating States. The information ob-
tained from employer surveys which is directly relevant
to occupational forecasting is redundant in content with
that gained from the OES survey. Moreover, where
employer surveys are administered, employers are being
asked to supply the same information to two separate
government agencies for ostensibly the same purposes.
For prme:tmg occupation employment in most areas
the OES survey will very likely vield significantly more
accurate, reliable, consistent, and thus more wusefu/
information than almost any employer survey ap-
proach,
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Advantages of the Employer Survefy Approm:h

The employ:r approach to pm;ecnng medium- or
long-term occupational :mplayment has several ad-
vantages, but unfortunately they stem from the same
characteristics which give rise to many of the problems
and limitations cited above. Briefly, these are: (a) the
ability to adapt and adjust the design of the sample,
survey instrument, and other procedures to meet
unique, local labor market information needs; and (b)
the opportunity for building greater cooperation with
private sector employers in providing information about
lm:a,l !abar markst trends and fnr gmmng great:r pnvat:

,,,,,,

" Both these :haraeteristics are desirable, but not if
they bring with them a lack of procedural consistency
and uniformity as well as bias and low accuracy in the
gstim'ates themselves. Moreavgr, th:s: advantages can

exampl:, the c;spac;ty gf Incsl !abor market a.nalysts tc:
identify peculiar short-term and long-term, local trends
can be developed, and private sector employees can be
included on panels to assess the area’s industry and oc-
cupational employment projections from more
systematic and reliable methods.

On the other hand, there are other purposes besides
the projection of area occupational empluymt for
which emplayer survr.ys ‘might be developed but with
proper concern and care for valid, standard survey
research procedures. ETA has :umpiled a guide directed
to Private Industry Council (PIC) siaff and other practi-
tioners which identifies how and under what . cir-
cumstances Empldyer surveys can. be used rehably to .
meet the information needs of users where there are_

Some of these pdtentlal uses “inclu fe: oﬁtaming in-

formation on the structure of internal’ labor markets

and promotion, hiring, and training pracﬁees of local

 firms; the number and occupational characteristics of

existing job vacancies in the local labor market; and
employer attitudes toward existing r.mplayment and
training programs of the local CETA prime sponsor and
other agencies.2?

T jobs n the Private Sector: Use of Labat Market Informetion, op, ci,







Comprehensiveness

Econometric and input-output models represent more
sophisticated techniques for producing area industry
employment forecasts or projections (Element 1), When
mr;o:pcrated into an occupational employment projec-
tion system, an industry staffing pattern (Element 2)
must still be used to transform the set of industry
employment forecasts into a set of occupational
employment projections (Element 3). Some econometric
models will have a staffing pattern matrix and a job

' turnover submodel ‘‘built in*’ to ensure compatibility

and consistency, but they represent the same techniques
as developed by BLS and used in the OES program.

The OES approach is a comprehensive one—all
elements of the forecasting system are included. This
means that maximal compatibility and consistency in
the definition of industry and occupation categories, as
well as mput data, can be maintained through the entire
process.

Employer surveys, unlike econometric or input-

output models, lead directly to estimates of target-year

occupational employment but they represent a shortcut
to the general occupational employment projection
system outlined earlier. Surveys have frequenily asked
employers to estimate target-year total job openings by
occupation directly, bypassing estimates of target-year
industry employment and also eliminating the need fora
staffing pattern matrix, )

Sensiﬂvityl;i Exogenous F,ﬂﬂérs and
Policy Variables

Econometric models, and to a lesser extent, input-
output models, usually are sensitive to a wider variety of
exogenous factors which may have important impacts
on a local employment base. In the case of econometric
models, the sensitivity can be built directly into the in-
dividual equations at the stage of model specification,
since there is a relatively large degree of flexibility in the
choice of independent variables in a given equation.
Variables which specifically measure certain exogenous
factors or policies can be chosen in equations in which
the dependeit variable has been demonstrated to be par-
ticularly sensitive to certain exogenous factors.

Input-output models are also considered to be poten-
tially sensitive to exogenous factors. Here, however, the
exogenous factors or policies must first be "tﬂnﬂatad“
into target-year estimates of final demand. Because this
translation is not always stmzhtforward or direct, there

are some classes of exogenous factors or public policy

changes to which an input-output will not show-sen-

sitivity. This is particularly disadvantageous if the ex-

ogenous factor or policy has an effect of inducing

substitution between labor and another factor of pro-
duction (e.g., capital or energy).

The OES approach is not particularly sensitive to
many exogenous factors or policies because: (a) the in-
dep:ndent vsﬂables are limited in scope and variety,

up“ mdn'gct :mploymem ,lmpacts t:ansmnt:d fmm
other sectors of the local economy. Only if the impacts
of the exogenous factors of policies are reflected in the
target-year (exogenous) forecast of national industry
employment will the models take into account these
employment impacts, given the usual specifications of
the equations. On the other hand, even with alternative
sets of independent variables, the sensitivity of single-
equati(m regressiun madels 1s lmntéd by th:lr abihty to

" The ,emplcy:r survey gppmach transccnds some of
the sensitivity limitations of the other approaches
because it is not constrained by a formal structure or the
need for operational variables. The flexibility of the ap-
proach allows for a wide variety of exogenous factors or
policies to be considered, although the approach pro-
vides no:theoretical framework for gauging what the
employment impacts might be.
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Costs of Effort
Tﬁe cnst of an ac:upatmna] pro:ecucm system isa

danr) of da:a, rggmred fo_r calibration and pra;eeuon,
(b) the frequency of updating; (c) the amount of in-
house expertise or consulting services required to main-
tain, operate, and interpret the results (which is a func-
tion of the relative degree of sophistication of the model
used); and (d) the amount of coordination required or
desired with other public agencies or private groups (for
data acquisition, acceptance of projections by different
user communities, quahtanve/sub,leeuv: “mput“ by
outsiders, etc.).

In descending order of aveﬂge ensts of effort are
input-output models, econometric models, and the
BLS-OES approach The costs of employer surveys can
vary considerably, depending in large degree upon the
size of the sample, the number of mdustry sectors
surveyed, and whether the mfarmaﬁon is collected
through personal interviews (of employers) or by mailed
questionnaire. Personal interviews, of course, are very
mve Employer surveys through mail question-
~naires can be relatively low cost, but depend upon how
subsequent stages of data processing are organized.
With input-autput models and econometric models, as
national ' and ~ State-level economic measures are
suhéﬁtutsd fnr lbcal eeunaml: measures nf va:iabla,

l:rmedmte castiapproach is to use more apanally ags

R N



:reggted dnta (e.g., State) where secondary data on
loca! economic variables are not available, but to adjust
this data carefully for local conditions. The ability to do
this depends upon the degree of insight, knowledge, and
experience of local labor market analysts. The same
kind of process of ‘“‘adjustment for local conditions” is
equaliy applicable to the OES approach.

Transparency and Comprehensibility

The ability of various users untrained. in applied
statistics or econometrics to understand the *“‘logic’’ by
which the projections are obtained can be an important
factor in acceptance and .subsequent use of the
forecasts. It can also be an important factor in gaining
the close cooperation of groups such as local business

leaders, or other public officials in obtaining informa-
tion on which to base initial assumptions about future
local economic conditions, and in assessing the set of in-
dustry or occupation employment projections. before
proceeding to the ;ub;equem stages. In order of increas-
ing transparency and comprehensibility are econometric
models, input-output models, BLS-OES approach, and
the employer-survey approach. The format and clarity
of the written documentation for the particular model,
however, is an important factor in its cnmprehensibﬂity
Very good documentation, for example. can help make
a complex - econometric model seem: ‘reasonably
understandable. Sgpmte -documentation. needs to be

provided to analysts and forecasters on the ‘one hand,.
and to less te:hﬂcally snplustlcated user groups on the .

other. The provision of very good dacumentmnn of the
latter type needs to be given much more emphasis,
regardless of the particular approach. In pracuce,
however, it is more reasonable to expect that with equal
- levels of quality of documentation, the OES approach
and the employer survey will be more understandable to
the majority of interesied users than econometric or
input-output models.

~ Relative Accuracy

‘It is difficult to compare rigorously the relative ac-
curacy of the various forecasting approaches based only
upon results to date. This is because, in general, the pro-
;ected sﬁmats m nnly be :gmpared with the aetual

area. In genen] we da not k:mw how altemnnve techni-

ques would have performed under the same conditions.
There have been several cases where the estimates from
alternative models have been available for comparison,
but too few to draw definitive conclusions.28 We can
make only tentative judgments about the relative ac-
curacy of the various approaches and must remember
that there can be wide variation in accuracy among
models of the same general appmach

Most experts agree that employer survey-based oc-
cupational employment forecasts have not been useful
because of. their low accuracy. Among econometric
models, input-output models, and single-equation
regression models of the OES approach, there has been
no clearly superior tﬁ:lmlgue Based on the limited em-
pirical evidence and our theoretical insights, we can
hypothesize ‘that, in certain labor market area classes
and for certain local industry sectors, econometric
models will produce more ‘accurate forecasts than
single-equation regression models. In oth:r conditions,
there will be very little difference in forecasting ac-
‘curacy. The same would hold for input-output -models
vis a vis ;ingle—equamm regression models.. The poten-
tial for improving the accuracy of input—nutput models

- by better adjusting for local conditions is not as large as

that for econometric ) ggd;ls or smgle—aquatlnn regres-
sion madels o
“That ev:ﬂnamgmc or mput-gutput mnde.ls dn not yield

_ unamhlguausly supeﬁar fareeamng results is due,
© large part, to one single fact. The factors most: -responsi-

ble for mstghﬂlty in-local. emplﬁyment bases are ex-
ogenous, remain outside the structure of all the major
approaches, are highly. uﬂpred:mble, and are not likely -
to . lend . themselves to systematic ‘treatment by
econnm:sts or policy. snalysts in the forseeable future,
This problem’ arises more from the underdevelnpmemi
of theories of the behavior of national and local
economies ‘rather - than -from. the state-gf-ﬂie-art af

'farecssnng techniques themselves It suggeats that, to

improve local occupational forecasting, increased em-

phasis should be Pplaced on Iml labor market analysis.
Particular attention should be paid to studying how dif-

ferent-exogenous factors have affected the local area’s.
employment base (industry and occupational levels and

mix) both in that area and in similarly behaving labor

market areas.

- The relative structural advantages and disadvantages =

of the four major approaches are summarized in Table
1. : :

3oy Heary Fishkind and R. Blaine Robers, *"Two Methods of Projecting Occupational
Employment,” Monathly Labor Review, May 1978, pp. 57-58, for comparbions of accuracy
betwom & fully spacified ecosomwiric model and & BLS-recommended set of single-squation
mmmimamﬂ.mﬂqs‘nﬂdaﬂmmm
i cupational Mutrix Sysiem, mmmvﬂnaihmmm
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i - i ‘Potential Sensitivity | i o -
I Data e ) Tnmpmngy;ggl Foreeasting
Approach A _ Comprehensiveness | to Exogenous Factors Costs - P
i 7B=qu!ﬂmgnl;r o ) and Policy Variables B Comprehensibility . Aceuracy .
[ B = s 2 CBIIIPHE T s 5o R
SLS—I?ES B Lowto Hﬁlmm (Elemeats 1 10 5) , Low mM:%im . Fuw B Medium 7 Fairto ?“Ed
E etric lnd\mry Emphm:m ) - - -
* Models High Projections High High Low Good
o (Element 1) ) B o o -
e IndunryEmplmEnt .
Input Output Very High Projections Medium 1o High Very High Low to Medium Good
T B ~ (Element I) B -
Direct Occupationsl
Survey Medium to High Projecti Low Low 10 High High Poor
B B (Elmeml) o - - o

Local Economic Structure and
Alternative Projection/
Forécasﬁng Techniques

A givén: pmjezunﬂffnre:sstmg approach will yield
better results for some types of local labor markets than
for others. That is because each approach emphasizes or
deemphasizes different factors which influence local
économic variable;, and each local labor market to
some extent has ‘its own uniquée ~ behavioral

- characteristics. These characteristics make labor market -
. areas respond differently to such: factors as general. .

economic development trends, national business and

economic ' structure, changes in government - fiscal,

aw:rage (lead or lag). vsngs ‘from une hbor ma:ket
. growth- cycles, shifts in national nndmtematlaﬂalr another. The part manr

af§ types whera elther ecnnﬂmetnc or mput-autput ap-
proaches might well produce significantly more accurate
target-year estimates of area industry employment than
the single-equation regression models recommended by
BLS.

Cyclical Stability of the Labor Market Area

Every lncal labor market area is affected by national
busineszs and growth r.-ycles. althﬂugh the - seveﬂty

(ampmude) and duratmn of these :ycles, ‘as well as the -

relationship of ‘the ‘local- economiy  to the niational

“monetary, -and: regulatory policy;- capital and ‘labor -

migration patterns, and changes in technology. -

Much less is known about: the: cnmplex relannnsh;ps“
in “local economic ‘structures 'than “in’ the national
economy. Nevertbglas, it is possible to’ identify several
key dimensions’ of lnf:al economi 't.meture whmh.:help o

explain hgw

summgrized as: (!) the area 'g relativ:i tabihty

uunﬂsamcyﬂa, G}smmdustﬁal tm:tufe and ing-models sin

am.w,,éreihetypamlmglydeﬁnedmthrespstm 7 ' . m ‘o ‘- cons reli-
* - tionship between ch:mgﬁ inthe natmnal gnd lm:al lew.ls'~ '
- of mdustry :mplnymti T'.hus. ‘even when’ e:xagenuus -

thae three dnnensicms pf local ecmmmic structure, .

'!ﬂhm-m-immmﬁnnm

! validsted oner. Attempts st LMA classificstions have baen musde by
: -igx-ngﬁ}mhmﬁuﬁhhhﬁhm
mhﬁgﬁ—ﬂﬁm S

e, for example, L.J. King, ‘smrm&mhsmm'ﬁ o
am-dcmpa 37-42, 1972, and Cieorges Vernex. o1 al., op. cit.




. ,BLSpm;e:ﬁun; of national economic conditions take
| ‘flactuations in ‘national

. iﬂm account expected cyclica
nic activity, local dwergenga from the national

-‘gverijé ‘are not taken into account. Fully specified
_ econometric models, on the other hand, can potentially
im:lﬂde explanatory variables (leadin; indicatm's) in the

: us equations which better reflect or predict cyclical
ﬂuetuxﬁam in local- mplaym:m (c.g., interest rates,
: band nte;. unemplcyment rates. m;tmcﬁon acm'ity,

behxvmr brelatively similgr to the mmaml avmge.
fully-specified econometric models are not likely to pro-
duce significantly more accurate industry employment
forecasts than the BLS-recommended. models. Input-
output models can be sensitive to the effects of cyclical
fluctuations on local employment levels only to the ex-

tent that t.he e;mgeﬂnus estlmsta of the locﬂ share of

rgpond dxﬂerenﬂy to nauanal cy:h;al fluctuations.

Local Industry Structure

Labor market areas vary considerably in terms of in-

dustry mix, the types of products exported, and the

degree -of local interindustry linkages. Together these -

The impln:aﬁgns of th:s d,lscus;ian f@r :hoosmg in-
dustry employment. prgjectmn techmques are clear, In
areas of weak interindustry linkages, there is no strong

- need for models which emphasize indirect local employ- -
ment_impacts. (Suchas .econometric or. input-output. - -

modgls) In these areas the *‘‘indirect’” eéffects on

employment will be minimal and econometric or input-
cmtput mgdels would not significantly. impmve upon the
“of mngle—equaﬁnn regression models. Con-

» versglﬁ. econometric or input-output models would per-

form sngmfmtl} better than the smgle-equ;tmn regres-
sion models recummended by BLS in areas with rather
y. . linkages. "There" is ewdence, ’

however, that»,thg ‘number of such: ‘areas is’ de:liﬂing as .
growing vertical integration and functmnal specializa-
tion of plants become chgractensnc pf an inmmg
number of industry sectors. ;

- The nature of -the markets of the ma;gr export in-
dustna is alsu a factor wh:ch affe:ts the nb;hty af a pari

jﬂi expart pmducts a:e prlmmly remoﬁal or nn-
tional/international gives some indication of the extent
to whigh t.h: lﬂcal emnnmy is mtegated mta the la:ger

dimensions describe an area’s industry structure, Areas * to national mar
w:t.h diﬂ'erent mdustry structuuﬁ respond differemlytn _ -economic systeit

ecunomic d:velopmem trendsi

Bifferent projec-
tion/forecast ta:hniques will be more or less accu

"way in which the technique takes into account these
. aspectsof laeslmdusﬁymncmre

Fxrst. the type of industry mix- dr:ectly affect; the”
This was - -

area’s response to cyclical. fluctuations.
discussed above. The degree of. local interindustry
linkages refers to the extent to which local firms depend
upon one anuther for purchaam of mputs or far

urate in - phasi
a given local lahar market c;lt':;::gmiingi inpart upan the - dus

that a lnghrperegntaze of the lgc.al fmn; mpnt re- f ;

quirements are met - through purchases from firms
located outside t.he lml ‘economy, and vice versa, In a
y charac d by relatwely strong inter-

rdustr ges, ehangﬁ in the employment level in
one industry due. ‘say, to a sharp drnp in national de-

cumstancg that ‘even the bést of these madels fiq, ghtly3, _
pmilm la:ge fﬂrecasung errcors S

_mand, will strongly affect the employment levels in de
other local industries. On the nther ‘hand, in a local . j j;;';

economy. with weak mtenndustry lmkagg. changes in

~employment levels in one local industry will have only :

~ minor mipacts on zther local mdustry sectors, 31

%;nqmmﬂmﬂmmmm

wmﬂwmm-ﬁﬁmm&mmﬂm
mmﬁmﬂﬁmﬁhﬁ-ﬂhﬂmwmh
viewsd in 8 qualitative sad compars ,
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the labor supply variables. The University of Arizona
models (Taylor, 1979) and the University of Tennessee
model (Alper, 1978) offer. good examples of how
demngraphm tr:nds and labm- supply can be mcluded in

Input—output mﬁdels do m:t take into account
population growth due to migration or changes in labor
foh:e compasitian Sueh fsc:mrs m’ust be exngenausly
nent and household (pmducnon) sa;tor, A separate
population projection model or econometric model nor-
mally would be needed for that purpose. Employer
surveys would not be able adequately to take into ac-
count the impact of changes in the area population upon
industry employment demand.

_ Axypology of labor market areas based on the dimen-

sions discussed above is presented in Table 2. The table
heips to summarize under what conditions econometric
or input-output models might be expected to produce
significantly better target-year estimates of industry
employment than BLS-recommended models. Since
typologies of real-world situations deliberately over-
simplify in order to sharpen or clarify differences, the
information in the table should be considered suggestive
only.

Other Information Needs
T‘he selecﬁnn cf t.he mast spprepriate techniques fﬁr a

should depcnd upon the partlcular information needs of
policymakers and planners. In most applications, the

primary question motivating occupational employment

projections has been, ‘*What is the best estimate of the
number of total job openings, by occupation, in a given
target-year**? The answers to this quesﬁon patennally

grams, to ‘‘rationally’ invest in Tacilities and equip
ment, to plan voc—ﬁl cnmcula, etc Th: g:n:ml aim af
medium- and long-term employment projections has
been to strive for an optimal match of area human
resources to an estimated future demand for labor.
Each of the major approaches we have reviewed is a
means to provide answers to this class of questions.
CQuestions involving the use of policy simulation are
more difficult to answer. Here one asks, ‘*“What would
be the best estimate of job openings (by occupation) ina
given target-year if policy X or event Y occurs*’? Ad-
vance knowledge of the local employment impacts of a
certain policy or event could, fpr example, | give valuable
lead time to aﬂpluymem planners to help mitigate any
“economic dislocations or to meet a sudden demand for
certain labor skills. Puh:la mw:l\nﬂg tax chma, trade

Fo

ar

restrictions, environmental regulations, defense facility
location, etc., can in general have large local employ-
ment impacts. The ability to provide timely job-
retraining programs, to initiate a plan for worker
ownership in the case of an imminent plant closing or to
plan other short-term relief responses could be im-
proved in situations where the size and sectoral distribu-
tion of the emp]nyment impact could be known with ad-
vance warning.

If the pohc;ﬁnaker wishes to build a capacity to ad-
dress this second class of questions in addition to the
first class, -then the potential sensitivity of the alter-
native techniques to policy variables becomes the key
consideration. This was discussed in the opening section
of the second chapter: econometric models and, to a
somewhat lesser extent, input-output models offer a
considerably greater capacity here than the other ap-
proaches. Yet sven with the most policy-sensitive aud
detailed econometric model, policy simulation has re-.
mained a highly imperfect art with frequently disap-
pointing results, Because of this imperfection and the
high cost of undertaking such an effort at the local level,
policy simulation has not yet been widely adopted in
local public agencies. It has been used in the policy
analysis process more often at the State and National
government levels where data is more complete and
where projections are made at a higher level of spatial
aggregation.

The discussion thmugheut this report has focused on
alternative techniques- for projeciing occupational
employment in the medium and long term (at least 1%4-2
years). For developing information on current mb open-
ings by occupation or skill requirements, or for very
short-term - employment ' projections, other criteria
become more important, and the relative ap-
propriateness of the techniques may shift.

Prior Calibration and Develop-
. ment of Models for the Area

In the last few years the use of econometric models
(and, to a lesser extent, of input-output models) in State
and Federal Government policymaking has s;gmf‘c:anﬂy
increased.  Concern’ over. the fiscal crisis, - declining
school enrollments, and growing demand for pubhc ser-.
vme.s has led pﬁhr:ymakers in various publi: agencies to
employ econometric' ‘models for estimating such
vaﬂgbls as annual tax revenues, the number of school-

- age children, unemployment rates, welfare loads, etc. In
some- caes the models have been developed and
DpEfltEﬂ "in—huuse " In mher cases they have been

forecasters uﬂder contract to pubhv: agmes If & a,n

.
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econometric model (or input-output model) has been
calibrated for a given local economy, it possibly may be
forecasts even it it was originally developed for other
purposes. Because other agencies would already be pay-
ing the maintenance and operating costs of the model,
there would be little or no costs to the SESA or other
employment and training-related agencies. Such
characteristics of the model as degree of industry detail,
definition of industry categories, and the length of the
forecasting period should be checked carefully,
however, for their suitability for occupational employ-
ment projection purposes.

[ ]

In addition, the general structure of the model should
reflect the industry structure of the local economy (e.g.,
if the local economy is built around durable goods
manufacturing, the model .should reflect that im-
portance). If any incompatibilities were to exist between
the model and the other elements of the projections
system, it may be possible to correct for these by making
appropriate adjustments to the model. In fact, however,
many models which exist are not capable of providing
sufficiently detailed industry employment forecasts;
they would require revisions so major as to be unfeasi-
ble,






aj mdustm# emplaymem over the.:e ab,tamed w,ttiz
single-equation regression models. These areas in-
clude those which exhibit chronic unstable industry
employment patterns, have particularly strong local
interindustry linkages (agglomeration), or experience
very high rates of growth (see Chapter 3). On the
other hand, improvements in the specification of

single-equation regression models can lead to im-

provements in accuracy over current efforts. There is

no general answer to the question of whether a

‘“‘satellite model” or an ‘‘endogenous model’’

strategy is the best econometric approach. The selec-

tion should depend upon the particular

characteristics of the labor market area. ,

3. The use of employer surveys for the direct
development of medium- and long-term occupational
employment projections is not recommended. This ap-
proach lacks theoretical validity and has been
demonstrated to be unreliable and inaccurate in several
evaluations. Employer surveys do have potential value
as a m:ans of Dbtaining m‘her typas of area labor market

prm;edur:s are iolluwed

4. The accuracy of the BLS-recommended single-
regression models can be improved through more
careful and discriminating specification of the in-
dividual equations for particular industry sectors in a
give’n Iabar market area. Th: variable chnic&s slmuld be

:mplnymmt levels in th= local economy have changgd in
relation to fluctuations in the national economy and in
similar labor market areas. It should not be expected,
for instance, that the variables which are the best predic-
tors of change in employment in one industry (e.g., total
.national industry employment) are those which will be
the best predictors in other industries. Moreover, the
best set of independent, or predictor, variables in a
given industry sector will not necessarily be the best set
for other labor market areas. Analyses leading to im-
proved specifications of single-equation models should

- be performed at the State and local levels with

guidelines and recommended procedures developed and
provided by BLS. In all cases the variable choices
should take into account ease of data availability.

5. Significantly greater emphasis should be given at
the State and local levels to developing and implemen-
ting a process of careful and insighiful review, assess-
ment, and adjustment of industry employment projec-

.. tions which emerge from any statistically based models.
This represents one of the best opportunities for im-

~ proving an area’s occupational employment projection

system. Support for improving local labor market
analysis should be given by BLS, NOICC, and ETA. A
guidebook prepared by relevant Federal agencies, with
SESA’s, describing alternative processes and exemplary
cases should be distributed widely to both providers and
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users of projections. The review, assessment, and ad-
justment process should include discussion and evalua-
tion of the validity of alternative assumptions about
future conditions which will underlie area projections.
Means to take maximal advantage of the insights and
knowledge of the local labor market developed by local
businessmen, unic:m nffigia]s, academigs and ather

;ustm:nt pmc:ss shuuld :cmt,mue ta bg Encoumged

6. Cost-efficient methods for generating or
simulating area-specific industry-occupation matrices
should be further developed and tested by the SESA’s
with the technical support of BLS., Tests of area
matrices simulated from the State matrices in Oregon
and Colorado are currently being performed. The
development and testing should be expanded to a wider
variety of States and labor market areas. Analyses to
discover if there are other good stratifying variables
besides size of establishment and industry sector should
be performed.

7. Improved procedures for estimating future job
openings due to replacement needs should be developed.
Currently the SESA’s in the OES system estimate job
apeniﬂgs due ta separaﬁnns frnm the labar fc:m;e du:
table method cher mb separatxan compnn:nts in-
cluding those which vary significantly across areas or
across occupations—quits due to out-migration and
separation due to occupational mobility, respec-
tively—are not taken into account, ‘although many
analysts consider these two labor force separation com-
ponents to be particularly important. Since the analytic
constraints here have been primarily due to data
unavailability, new sources of data need to be con-
sidered.

8. The relative strengths and weaknesses of each of
the various elements of the OES system should be
evaluated empirically. Proposals for making large in-
vestments to improve particular elements of an area’s
projection system (e.g., the industry employment pro-
jections, or the industry-occupation matrix) should be
made with the knowledge of their likely improvement of
the system as a whole (i.e., its final product). It is possi-
ble, for instance, to decrease the error in the industry-
occupation matrix significantly without any significant
increases in the accuracy of target-year total job open-
ings if, say, job openings due to labor force separation
for a particular occupation are 10 times as large as job
openings due to economic expansion. As a basic princi-
ple, investments in improvement should be directed at
those elements_of the_system which. offer.the greatest
likely improvements to the system as a whole.

9. Proposals to increase the level: of occupational
detail, or the spatial dimggregatmn of the projections in
efforts to better meet users’ needs for labor market in-
formation should be carefully assessed to avoid com-
promising the theoretical or statistical validity of the
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projections themselves. The potential benefits of in-
creasing the level of occupational detail must be
considered in view of the capacity of the local pro-
gram/service delivery components of the employment
and training/vocational education system to effectively
utilize the greater detail. The loss in reliability of the
data at greater levels of detail must also be considered,
based upon assessments of misclassification of
employers’ job titles into OES occupational categories.
Under no circumstances should projections be
generated for spatial units smaller than iabor market

The development of industry or occupational projec-
tions for sublabor market areas is not recommended.
Occupational projections as used in the planning pro-
cess should reflect the entire labor market area, other-
wise serious planning inadequacies may occur through
the failure to recognize commuting of workers between
jurisdictions within the labor market area. Sublabor
market area projections may (1) miss possible job op-
portunities in other areas within the labor market area,
and (2) may lead to occupational- sulfply/demand im-
balances by ignoring the fact that employers in the sub-
area may be hiring workers frmn other parts of the
labor market area.




Appendix A
A Partial Inventory of Local Econometric Models

State

Pm;ectf Refcr:nce

A:izgna

Ecunam:e Fareeasnng Model

Division of Economic and Business Research
University of Arizona

Tucson, Arizona

Carol Taylor, Project Director

Phagm SMSA Up to Zﬁyear farecasnng
period, annual estimates; projects in-
dustry employment at the 2- and 3-digit
SIC level (59 sectors)

Tucson SMSA: Up to 2-year forecasting
period, quarterly estimates; projects in-
dustry employment at the 2-digit SIC
level (43 sectors)

California

Econumlc Farecastmg Model

Division of Economic and Business Research
University of Arizona

Tucson, Arizona

Caral Taylar, Project Director

Mudels Ext:nsmn of thkman s Structure
to Los Angeles,’’ Journal of Regional
Science, Vol 14, No. 3.

Owen P, Hall and Joseph A. Licari, Authors
The Santa Clara County Model '
County of Sam:a Clara Planmng Department
R. C‘ioldman

San Franclscn (Sam: as for Phﬁ:mx, an;ept
63 sectors)

Los Angeles SMSA: Annual estimates; pro-
jects industry employment for manufac-
turing, wholesale and retail, government,
and other (services, F.I.R.)

Santa Clara: Documentation unavailable

C;@lurndé

' Labor Market Infarmaunn System

Inmtutg of Labor and Igdusmal Reléuags

Denv:r SMSA. Farecasm penod up to 9
ua timates; projects in- . -
dust.ry emp' "yment at"the l and Z-dlgnt




Appendix A (Con’t.)

State

Prc;ié&)'Reference W"”

Brief Description o

Massachusetts

Economic Forecasting Model

Division of Economic and Business Research
University of Arizona

Tucson, Arizona

Carol Taylor, Project Director

Springfield-Holyoke-Chicopee: Forecasting
period up to 2 years, annual estimates;
projects industry employment at the 2-
digit SIC level (46 sectors)

Michigan

Labor Market Information System

Institute of Labor and Industrial Relations

University of Michigan—Wayne State
University

Malcolm 8. Cohen

Detroit SMSA: Up to a 9 quarter forecasting
period, quarterly estimates; projects in-
dustry employment at the 1-digit and 2-
digit SIC level

Néﬁ fark

An Econometric Model of the Buffalo SMSA
State Umvmnty of New York at Buffalo
Robert T. Crow, Director

The New York Region Econometric Model
Wharton Econometric Forecasting Associates
369 Lexington Avenue

New York, N.Y. 10017

Dr. Nancy Mantell

Buffalo SMSA: iDacumenLatian unavailgbiéj

New York SMSA and New York City: Up to

tors

Ohio Quarterly Econometric Forecasting Model Dayton: Forecasting period: up to 2 quarters,

for Dayton SMSA quarterly estimates; .projects industry

Department of Economics employment for manufacturing and four

Wright State University 2-digit manufacturing sectors

Dayton, Ohio

Mark Fabrycy, Project Director ,

An Econometric Forecasting Model of the Cleveland: (Documentation unavailable)
Cleveland Metropolitan Area

Case Western Reserve University Research
Program in Industrial Economics

C. Loxley and M.D. McCarthy

Pennsylvania

Econometric Model of the Philadelphia
Region

Department of Economics

University of Pennsylvania

Philadelphia, Pa. 19174

Norman J. Glickman, Project Director

iPhilade!phia: ‘Annual esumatési projects in-
dustry employment at the 1-digit and 2-
digit SIC level (23 sectors)

7 Eé;t;umjc Fpmnsung Mﬂd;ﬁi’

Division of Economic and Business Research
University of Arizona - i
Tucson, Arizona

:l’\;!id—(:umberlaﬁdi EDB:ﬁ l;?creeasung period

up to 2 years, annual estimates; projects
industry employment at the 2-digit SIC
level (52 sectors)

, Carol Taylor, Project Director

-
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State Prcjgct}i{:f:fence

The Tennessee Econometric Model (TEM II) Chattanooga, Knoxville, Memphis, Nashville:
Center for Business and Economic Research Annual forecasts, tested up to 4 to 7-year
College of Business Administration forecasting period; project industry
University of Tennessee employment at the 1-digit SIC level (9
Neil Alper sectors). But including two manufactur-
ing sectors.
Comment: Metropolitan industry
employment derived indirectly, from
estimates of State industry employment

Brief Description

Utah Economic Forecasting Model Southeast Utah EDD: Forecasting period up
Division of Economic and Business Research to 2 years, annual estimates; projects in-
University of Arizona dustry employment at the 1- and 2-digit
Tucson, Arizona SIC levels (12 sectors)
Carol Taylor, Project Director




Appendix B
Mathematical Descriptions of
Projection Techniques/Models

1.Single-equation Regression Models
!‘+l—l] + blx}l + bﬂxlg +b S 4 g
where E}+ 1 (dependent vanable) d:nates the

estimated target-year area employment
level for industry sector i '

x5t 1 (independent variable) denotes target-
year estimates of national emplayment
industry i

X denotes the time variable, frequently ex-
pressed as the lag of the dependent
variable

cher independent variables as ipprapﬁaze

a, b il «:bj, denote the regression coeffi-
czlts emmata:l in the eah‘bfanan pro-
cess

¢; denotes the residual or error term

2. Classical Shift-Share Model -

Ett la g+ Etust+ L/ust-1)+ Etus;t+1 /US,t

- =ust+1/ust) + EtEVE;¢1-Us;t/ust])
where E.,H‘l = target-year - estimate of local
employment in industryi

E;j! = base-year local employment, in-

. dustryi |
"»US;H'J = target-year estimate of natmna.l
eznp!pment. industry:

';_;_tnrjet-yﬂr aﬁmate of total
) [ . : o

or
= (1-A)ly
where x; is the target-year output of local industry
ii '
aj; are the ratios of: purchases by industry j
from indu.stry 1 to total prnducuan of in-
dustry j,
Y; is the final demsnd for goods and ser-
- vices of lom’! mdustry i.

In matrix fm’m.
Xisannxl va:mr of local mdustry output,
A is an nxn matrix of technical coefficients,
Y is an nxl vector of final demand by
’ industry
I is an nxn identity matrix, and [1-A)! is the
" inverse of [I-A]

4. Fully-Spemfled Reglunal Econometric Models

Yt+l f(Y; 1 Zkt+l =t+1)

or

BYt+1 4 czt+1 4

where Y!H‘l is the ith gndogenﬂus variable in the
target-year

=et+1

Zkt + Listhe k‘h ‘exogenous vannble in the target-year

(but includes lagged endngenaus variables)




2t*+1 js an nxl vector of endogenous variables),

%
3 8

variables (i

ncluding S E ¢ is a vector of n error terms.

ERIC

Aruitoxt provided by Eic:
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Where 10 Get More Information

and Training Administration, contact the Employment and Training Administration, U.S. Department of
Labor, Washington, D.C. 20213, or any of the Regional Administrators for Employment and Training whose
addresses are listed below.

Location States Senvad

John F. Kennedy Bidg. Cionnecticut New Hampshire

Boston, Mass. 02203 Maine Rhode Island
Massachusetis Vermont

1515 Broadway New Jersey Puerto Rico

New York, NY. 10036

New York
Canal Zone

Virgin Islands

P.O. Box 8796 Delaware Virginia
Philadelphia, Pa. 19101 Maryland Waest Virginia
Pennsylvania District of Columbia
1371 Peachtree Street, NE, Alabama Mississippi
Atlanta. Ga. 30309 Florida North Carolina
Georgia South Carolina
Kentucky Tennessee
230 South Dearborn Street Illinois Minnesota
Chicago, |ll. 60604 Indiana Ohio
Michigan Wisconsin
911 Walnut Street lowa Missouri
Kansas City, Mo. 64106 Kansas Nebraska
Griffin Square Bidg. Arkansas Okiahoma
Dailas, Tex. 75202 Louisiana Texas

1961 Stout Street
Denever, Colo. 80294

New Mexico

Colorado
Montana
North Dakota

South Dakota
Utah

450 Golden Gate Avenue Arizona American Samoa
San Francisco, Calif. 94102 California Guam
' Hawaii Trust Territory
Nevada
909 First Avenue Alaska Oregon
Seattle, Wash. 98174 idaho Washington




